
1 

Escaping the Commoditization Trap 

How the BPO Industry Can Build a New Business Model in the Age of AI 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

Jens R. Voigt, MSc Finance, MBA, BBA 

Advisory Board Member, BorderlessCX 

August 2026 

 

Connect:  

jrvoigt@gmail.com 

www.linkedin.com/in/jrvoig 

https://jensrvoigt.substack.com/ 

https://jrvoigt.github.io/ 

 

 

mailto:jrvoigt@gmail.com
http://www.linkedin.com/in/jrvoig
https://jensrvoigt.substack.com/
https://jrvoigt.github.io/


2 

Contents 
Executive Summary ....................................................................................................................... 4 

1. The Commoditization Trap .......................................................................................................... 7 

1.1 What Commoditization Means in BPO..................................................................................... 7 

1.2 How the Industry Arrived at This Point .................................................................................... 8 

1.3 The Structural Weakness of FTE Pricing ................................................................................... 9 

1.4 Pricing to Value Asymmetry ................................................................................................. 10 

1.4.1 The three states of price-value misalignment ................................................................... 14 

2. AI, the Great Revealer .............................................................................................................. 16 

2.1 The abstraction of value: a structural pattern across technology cycles ..................................... 19 

3. The Valuation Paradox .............................................................................................................. 22 

3.1 Industry Growth Forecasts ................................................................................................... 23 

3.2 Economic Foundations: What Technology Actually Does to Work ............................................. 24 

3.2.1 The Labour–Capital Structure of the BPO Industry ............................................................ 24 

3.2.2 Displacement Theory .................................................................................................... 28 

3.2.3 The “Lump of Labor” Fallacy .......................................................................................... 29 

3.2.4 Regulatory Density: The Structural Variable ..................................................................... 30 

3.2.5 The Cheap AI Illusion: The Supply-Side Misreading ........................................................... 32 

3.3 In Conclusion:..................................................................................................................... 34 

4. The Client Paradox ................................................................................................................... 36 

4.1 Cost is measurable; measuring value is hard .......................................................................... 36 

4.2 Procurement frameworks reward the wrong behavior ............................................................ 37 

4.3 The industry trained clients to think in inputs ........................................................................ 37 

4.4 Trust gaps reinforce input-based control ............................................................................... 37 

4.5 Partial ownership makes value difficult to isolate ................................................................... 38 

5. The New BPO Business Model ................................................................................................... 40 

5.1 From Commoditization to Industry Transformation ................................................................ 40 

5.2 The Value-Driven BPO Model ............................................................................................... 40 

5.2.1 Operational Platform Services ........................................................................................ 40 

5.2.2 Productivity and Cost-to-Serve Gainsharing ..................................................................... 41 

5.2.3 Customer Value Participation ......................................................................................... 41 

5.2.4 Governance and Compliance Operations ......................................................................... 42 

5.2.5 Transformation and Innovation Services ......................................................................... 42 

5.2.6 From Labor Providers to Operational Orchestrators ......................................................... 43 

5.2.7 Agent value participation: the missing link ...................................................................... 43 



3 

5.3 Implications for Industry Economics and Valuation ................................................................. 45 

5.4 Lessons from Software and AI Commercial Models ................................................................. 47 

5.4.1 The pricing ladder: what AI-native vendors reveal — and what they have not solved ........... 50 

5.5 Early Market Evidence: Signals of an Emerging Model ............................................................. 51 

5.6 The BPO Financial J-Curve .................................................................................................... 53 

5.7 Transition Roadmap: From Labor-Based to Value-Driven Models ............................................. 56 

5.7.1 Phase 1: Overlay (0–12 months) ..................................................................................... 56 

5.7.2 Phase 2: Hybridization (12–24 months) ........................................................................... 57 

5.7.3 Phase 3: Model shift (24–48 months) .............................................................................. 58 

5.7.4 Implications of the Transition ......................................................................................... 59 

5.8 Structural Barriers to Transition ........................................................................................... 59 

5.8.1 Commercial Lock-In: Legacy Contract Structures .............................................................. 59 

5.8.2 Procurement and Incentive Structures ............................................................................ 60 

5.8.3 Capability and Measurement Gaps ................................................................................. 60 

5.8.4 Financial Risk and the Transition J-Curve ......................................................................... 61 

5.8.5 Operating Model and Organizational Inertia .................................................................... 62 

5.8.6 Client Trust and Control Dynamics .................................................................................. 62 

5.8.7 Implications ................................................................................................................. 63 

5.9 Industry Positioning: Who Is Best Positioned to Transform? .................................................... 63 

5.9.1 Tier 1 Providers: Scale, Capability, and Structural Inertia ................................................... 63 

5.9.2 Tier 2 Providers: Strategic Flexibility and Selective Advantage ........................................... 64 

5.9.3 Tier 3 Providers: Agility, Specialization, and Execution Risk ................................................ 64 

5.9.4 Implications for Industry Evolution ................................................................................. 65 

5.9.5 What a winning provider looks like ................................................................................. 66 

6. Conclusion .............................................................................................................................. 68 

7. References .............................................................................................................................. 72 

 
 



4 

Executive Summary 

The global Business Process Outsourcing (BPO) industry is frequently described as being 

threatened by artificial intelligence (AI). This paper argues that, in reality, AI is exposing the 

limitations of the industry’s legacy business model. 

For decades, outsourcing providers created value primarily through labor arbitrage, operational 

scale, and process efficiency. While this model enabled rapid industry growth, it also 

commoditized outsourcing services. Procurement-driven sourcing processes and widespread 

reliance on full-time equivalent (FTE)-based pricing structures shifted competition toward labor 

cost rather than differentiated value creation. 

AI is now exposing the structural weakness of that model. 

Since the emergence of generative AI technologies, investor sentiment toward the BPO sector has 

deteriorated. The prevailing narrative suggests that if automation reduces labor demand and 

outsourcing revenues depend on labor inputs, the industry must inevitably shrink. In this paper I 

will explain that this conclusion misunderstands both economic theory and the structural drivers 

of outsourcing demand. 

Automation rarely eliminates work entirely. Instead, it reorganizes tasks, increases productivity, 

and expands demand for complementary capabilities. At the same time, the growing regulatory 

complexity of modern economies increases the need for operational oversight, governance, and 

compliance functions that remain difficult to fully automate. Regulated industries which now 

account for more than a third of gross domestic product (GDP) in advanced economies are 

precisely the contexts where outsourcing stakes are highest and outcome measurement is most 

difficult, a combination that deepens the structural problem rather than resolving it. 

The market’s misreading of the industry, moreover, operates on both sides of the economic 

equation. Investors have repriced the sector on the assumption that AI-delivered work is nearly 

free and on a one-way path downward. The evidence points the other way. While the price of raw 

model intelligence has collapsed, the fully loaded cost of an AI-delivered outcome, a resolved 

contact, a processed claim, a completed investigation, has risen as deployments reach production 

scale, and a meaningful share of today’s AI pricing is sustained by capital subsidy rather than by 

underlying unit economics. The sector is, in effect, mispriced twice: once on the demand for its 

services, and once on the cost of the technology assumed to replace them. 

The real challenge facing the BPO industry is therefore not AI itself, but a fundamental mismatch 

between how value is created and how revenue is captured - what this paper calls the Pricing-to-

Value Asymmetry. 

This asymmetry is not a fixed gap. At any given moment, an outsourcing relationship occupies 

one of three unstable states: price below value created, price roughly aligned with value, or price 

above value created. None of these states are durable, because the commercial model contains no 
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mechanism to tie price to value in a sustained way. Relationships drift continuously between 

states and the system consistently returns to the same place: cost comparison, headcount 

reduction, and optimization for visible efficiency rather than economic value. 

This paper describes the full architecture of this misalignment through three interconnected 

dynamics: the Commoditization Trap, the Valuation Paradox, and the Client Paradox. The Client 

Paradox deserves particular attention: the persistence of input-based buying is not a failure of 

client sophistication. It is the result of procurement systems, measurement frameworks, 

institutional incentives, and two decades of industry conditioning that make the wrong 

commercial decision feel like the rational one. 

Escaping this trap requires a redesign of the outsourcing business model across three dimensions 

simultaneously. 

The commercial architecture must shift from labor-based pricing toward value participation. 

Future outsourcing revenues will increasingly derive from platform services, productivity 

gainsharing, customer value participation, governance operations, and transformation programs 

aligning provider incentives with business outcomes rather than labor consumption. 

The measurement infrastructure must be rebuilt from the ground up. Value-based commercial 

models are only viable when providers can credibly link operational performance to financial 

outcomes. This requires investment in interaction-to-outcome data linkage, causal attribution 

capabilities, and jointly agreed baseline methodologies. A capability most of the industry has yet 

to develop. 

The incentive architecture must extend beyond the provider-client relationship to include the 

agents who produce customer value. A commercial model that realigns provider and client 

incentives around outcomes while leaving agents compensated purely on activity throughput will 

not achieve its potential. Value distribution must cascade through the full system. 

The providers that navigate this transition successfully will not be those that simply automate 

faster. They will be those that redesign how value is measured, shared, and sustained across every 

participant in the outsourcing relationship. 
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1. The Commoditization Trap 

1.1 What Commoditization Means in BPO 

In economic terms, commoditization occurs when products or services become largely 

interchangeable in the eyes of buyers. As differentiation declines, competition shifts away from 

value and toward price (Porter, 2008; Levitt, 1980). Research on information and digital markets 

shows that when services become standardized and easily comparable, competition tends to 

converge on price unless providers differentiate through platforms, ecosystems, or value-added 

capabilities (Shapiro & Varian, 1999). 

Within the Business Process Outsourcing (BPO) industry, commoditization has emerged 

gradually over the past two decades. Services that were once considered strategic operational 

capabilities increasingly came to be viewed as standardized delivery functions. Customer support, 

transaction processing, claims administration, and other operational activities began to be 

evaluated primarily through cost metrics rather than through their contribution to broader 

business outcomes. 

Several structural characteristics of the outsourcing market reinforced this dynamic. 

Procurement-led sourcing processes increasingly emphasized price benchmarking and rate 

comparisons across vendors. Industry surveys show that cost benchmarking remains central to 

sourcing evaluation even as the stated drivers of sourcing decisions have broadened to include 

skilled talent and agility alongside cost reduction (Deloitte, 2024). 

Commercial models also became increasingly standardized. Compensation structures in 

outsourcing contracts are commonly tied to labor inputs such as full-time equivalents (FTEs), 

billable hours, or transaction volumes. Similarly, performance measurement frameworks often 

focus on operational indicators such as service level adherence, average handling time, or 

customer satisfaction scores. While these metrics capture aspects of operational efficiency, they 

rarely reflect the broader economic value created by customer interactions or operational 

improvements. 

Over time, these mechanisms reduced perceived differences between providers. When service 

offerings appear interchangeable and pricing structures are comparable, outsourcing decisions 

naturally gravitate toward cost competition. 

The result is an industry structure in which many providers compete primarily on labor cost, 

delivery location, and operational scale rather than differentiated strategic capabilities. While this 

model enabled rapid global expansion of the outsourcing sector, it also created structural pressure 

on margins and limited the industry’s ability to capture the broader value generated by 

operational services. 
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1.2 How the Industry Arrived at This Point 

The origins of the modern BPO industry can be traced to the rapid globalization of service delivery 

during the 1990s and early 2000s. Advances in telecommunications infrastructure, enterprise 

software, and internet connectivity made it possible to separate many operational processes from 

their physical location. Firms increasingly relocated customer service, back-office administration, 

and transaction processing functions to lower-cost regions while maintaining centralized control 

over business operations. 

In the early stages of this development, outsourcing providers differentiated themselves through 

geographic cost advantages, operational scale, and process expertise. Companies that were able 

to build large delivery networks across multiple countries offered clients significant cost savings 

while maintaining service continuity. 

As the industry matured, however, competitive dynamics began to change. 

Delivery models gradually converged as leading providers adopted similar operating structures, 

technology platforms, and management frameworks. At the same time, procurement functions 

within client organizations became more sophisticated and began applying standardized sourcing 

processes across outsourcing engagements. Benchmarking tools and rate comparisons made it 

easier for buyers to compare providers primarily on a cost-per-agent or cost-per-transaction 

basis. 

In addition, many outsourcing engagements were structured around relatively narrow 

operational scopes, focusing on discrete processes rather than end-to-end customer or business 

outcomes. When providers manage only part of a broader operational system, it becomes difficult 

to directly connect their performance to measurable financial impact for the client organization. 

These structural developments gradually transformed outsourcing engagements into labor-

capacity contracts rather than strategic operational partnerships. 

As a result, a large share of industry revenue became linked to the provision of operational labor 

capacity. The precise share is not publicly disclosed — providers report revenue by segment, 

geography, and vertical, but not by pricing structure — and that opacity is itself a symptom of the 

problem this paper describes. What can be established is direction and dominance. Everest Group 

observes that most outsourcing deals remain hybrids, combining a base fee with outcome-linked 

bonuses and penalties, with true outcome alignment still constrained by data visibility, ownership 

of performance levers, and balanced risk-sharing (Everest Group, 2025). The International Data 

Corporation projects that by 2029, 30% of all contractual engagements with service providers will 

be outcome-based (IDC, 2025) — a forecast that, by implication, places the current share well 

below that threshold. Input-based pricing remains the industry default. 

While this model proved highly effective during the era of labor arbitrage, it also created the 

conditions for the commoditization trap described in the following section. When revenue 
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depends primarily on labor inputs and services appear interchangeable across providers, 

technological productivity improvements can paradoxically undermine the economic foundations 

of the industry. 

1.3 The Structural Weakness of FTE Pricing 

At the center of the commoditization dynamic described in the previous sections lies the dominant 

commercial model used across much of the outsourcing industry: FTE-based pricing. 

Under this structure, outsourcing services are priced primarily according to the number of full-

time employees assigned to a client program. Revenue scales with the size of the workforce 

deployed, typically expressed through metrics such as cost per FTE, billable hours, or cost per 

transaction. Although variations of this model exist, the underlying economic logic remains 

largely the same: provider revenue increases as the volume of operational labor increases. 

This pricing structure emerged during the early expansion of the outsourcing industry when the 

primary value proposition centered on labor arbitrage. By relocating operational processes to 

lower-cost regions, providers were able to deliver immediate cost savings while maintaining 

service continuity. Linking pricing directly to workforce capacity created a simple and transparent 

commercial model that aligned well with procurement-driven sourcing processes. 

Over time, however, this model introduced structural limitations. 

When services are priced primarily according to labor inputs, productivity improvements do not 

necessarily translate into revenue growth for providers. If operational efficiency improves, 

whether through better training, process optimization, or technological automation, the number 

of agents required to perform a given task may decline. Under FTE-based contracts, this reduction 

in labor directly reduces billable capacity. 

In effect, the commercial model creates an economic structure in which providers benefit from 

operational scale but are penalized for productivity improvements. 

This dynamic becomes particularly problematic in environments where technological innovation 

significantly increases productivity. Automation tools, workflow systems, and artificial 

intelligence technologies enable operational processes to be executed more efficiently, reducing 

the need for human intervention in routine tasks. 

From the client’s perspective, these improvements represent clear economic benefits. For 

providers operating under traditional pricing structures, however, the same improvements may 

compress revenue potential unless new services or additional scope offset the reduction in labor 

demand. 

As a result, the dominant commercial architecture of the outsourcing industry creates a structural 

tension between technological progress and revenue generation. 
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This tension remained relatively manageable during earlier phases of industry development 

because productivity gains occurred gradually through incremental process improvements. The 

emergence of advanced automation technologies and generative artificial intelligence has 

accelerated these productivity dynamics considerably. 

Artificial intelligence therefore does not introduce a completely new challenge to the outsourcing 

industry. Rather, it exposes the structural weakness of a commercial model in which revenue 

remains tightly linked to labor inputs. An additional issue to this commercial dilemma for BPO is 

what I call “The Pricing to Value Asymmetry” which is reviewed in more detail in the next chapter. 

 

 

1.4 Pricing to Value Asymmetry 

Customer operations are not merely a cost center. They are a mechanism through which firms 

influence economically material outcomes, including customer retention, revenue recovery, 

conversion, cost-to-serve, and risk mitigation. These effects accumulate over time and are 

reflected in the long-term cash flows associated with Customer Lifetime Value (CLV), as well as 

in the stability and resilience of customer relationships captured through Relationship Quality 

(RQ) (Voigt, Customer Lifetime Value and Relationship, 2025). 

In this sense, customer operations participate directly in enterprise value creation. 
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Despite this, the prevailing commercial model prices these services as a function of labor input. 

Provider revenue is typically defined by the volume of resources deployed, such that: 

R_BPO = r · L 

where R_BPO denotes provider revenue, r is the unit price per unit of labor, and L represents the 

quantity of labor deployed. 

In contrast, the economic value influenced by customer operations is outcome-based and can be 

expressed as a function of changes in key value drivers: 

V_Client = f(ΔRet, ΔRev, ΔConv, ΔCost, ΔRisk) 

The critical observation is not that the value generated by customer operations is systematically 

higher or lower than the price paid for those services. Rather, it is that the two are determined by 

fundamentally different variables. Provider revenue is a function of input volume, while client 

value is a function of outcome effects. As a result, there is no inherent mechanism within the 

prevailing commercial model that ensures alignment between the two. 

This creates a structural decoupling between value creation and value capture. 

In some cases, customer operations may generate substantial economic value relative to their cost, 

particularly when improvements in retention, revenue recovery, or customer experience 

compound over time. In other cases, the cost of service delivery may exceed the economic value 

created, particularly when operational activities are not effectively linked to meaningful business 

outcomes. Both conditions can exist within the same industry, and even within the same 

organization across different processes and services (Voigt, Service Design and Sourcing decisions 

through Customer Value + RQ lens, 2025). 

The presence of both outcomes highlights that the underlying issue is not systematic underpricing 

or overpricing. It is the absence of a stable linkage between price and value. 

This absence becomes analytically visible when introducing productivity. 

Let output demand be denoted by Q, and labor productivity by P, defined as output per unit of 

labor. The required labor input can then be expressed as: 

L = Q / P 

Substituting into the revenue function yields: 

R_BPO = r · Q / P 

Taking the partial derivative of provider revenue with respect to productivity: 

∂R_BPO / ∂P = − r · Q / P² < 0 
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This result implies that, holding output constant, an increase in productivity reduces provider 

revenue under an input-based pricing model. 

By contrast, the value generated for the client is typically increasing in productivity. Higher 

productivity is associated with faster resolution, improved consistency, enhanced customer 

experience, and the ability to redeploy capacity toward higher-value activities. These effects 

positively influence retention, revenue, and cost efficiency. Formally, this can be expressed as: 

∂V_Client / ∂P > 0 

The consequence is not a fixed inequality between price and value, but a dynamic divergence 

between them. As productivity increases, the relationship between revenue and value becomes 

increasingly unstable. In situations where customer operations are already underpriced relative 

to the value they generate, this divergence widens the gap between value creation and value 

capture. In situations where services are priced above their economic contribution, the same 

dynamics accelerate the pressure to reduce cost, automate, or eliminate activities that do not 

generate sufficient value. 

In both cases, the system lacks a mechanism to restore alignment. 

This condition can be expressed more generally as the absence of a functional relationship 

between provider revenue and client value: 

R_BPO ≠ f(V_Client) 

Provider revenue is not a function of the value created. Instead, it is determined independently 

through input-based pricing structures. 

This structural property has direct implications for market dynamics. Because pricing is anchored 

in labor inputs, services become directly comparable across providers, and procurement 

processes naturally optimize for unit cost. Differentiation based on outcome quality or economic 

impact becomes difficult to sustain within the commercial model, even when such differentiation 

exists in practice. 

At the same time, the absence of alignment creates uncertainty for both sides of the market. 

Providers cannot reliably capture the value they help create, while clients cannot consistently 

ensure that the price paid reflects the economic contribution of the service. The result is a market 

equilibrium in which price and value move independently, and both parties continuously adjust 

within a system that does not inherently converge toward balance. 

This dynamic can be illustrated through a value capture ratio defined as: 

Capture Ratio = R_BPO / V_Client 

Under a fully aligned model, this ratio would remain relatively stable, reflecting a consistent 

relationship between price and value. Under current structures, however, the ratio varies 
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significantly across engagements and over time, shifting with changes in productivity, operational 

design, and the underlying drivers of customer value. 

The pricing-to-value asymmetry is therefore not a marginal inefficiency. It is a structural feature 

of the BPO business model that governs incentive alignment, competitive dynamics, and 

investment behavior. Understanding this asymmetry is essential to understanding the 

commoditization trap. As long as customer operations are priced as labor inputs while functioning 

as drivers of enterprise value, the industry will remain anchored in cost-based competition, 

regardless of its strategic importance. 

 

 

 

The more value a BPO creates, the less it is reflected in how it gets paid. And 

sometimes, the opposite is true as well. That disconnect sits at the heart of why 

the industry behaves the way it does. 

 

The pricing-to-value asymmetry is not a fixed gap, it is a dynamic condition. At any given moment, 

an outsourcing relationship sits in one of three states, and none of them are stable. 



14 

1.4.1 The three states of price-value misalignment 

When price is lower than value created, the relationship often looks successful on the surface. 

Costs are competitive, performance is strong, and both sides feel they are getting a good deal. But 

something important is happening beneath that: value is being created that is not being measured, 

and therefore not being managed. From the client’s perspective this feels like efficiency. From the 

provider’s perspective it represents chronic under-monetization of impact. Over time, the 

activities that actually drive value remain invisible while cost continues to be optimized — and the 

system gradually erodes the very capabilities that made it valuable. 

When price and value appear aligned, this is the state most participants assume they occupy. It 

feels balanced, fair, and stable. But under an input-based model, alignment when it happens is 

largely coincidental rather than structurally guaranteed. Small changes in productivity, demand, 

or customer behavior quickly shift the balance. What looks like equilibrium is a temporary 

intersection. 

When price exceeds value created, procurement is built to detect this state. Costs are questioned, 

efficiency is challenged, and renegotiation follows. But even here the diagnosis is often 

incomplete. The issue is not always that cost is too high — sometimes value is simply too low, or 

not sufficiently visible. When everything is viewed through a cost lens, the natural response is to 

reduce spend, which can eliminate the very capabilities that could have increased the value 

contribution. 

State 
Economic 
condition 

Client perspective BPO perspective Strategic risk 

Price < Value 
Value created 
exceeds price paid 

Significant upside, 
often unmeasured 

Under-monetization 
of impact 

Provider 
disengagement; 
value erodes 
invisibly 

Price ≈ Value 
Temporary 
coincidental 
alignment 

Appears fair and 
stable 

Appears sustainable 

False equilibrium; 
fragile to any change 
in productivity or 
scope 

Price > Value 
Price exceeds value 
created 

Cost center 
perception; 
renegotiation 
pressure 

Revenue inflated but 
at risk 

Automation, 
substitution, or exit 

Table 1: The three states of price-value misalignment and their strategic implications 

 

What becomes clear across all three states is that the system is in constant motion. Relationships 

drift from underpriced to aligned, from aligned to overpriced, and from overpriced back into cost 

pressure and renegotiation. But they do not settle — because there is no mechanism in the model 

that ties price to value in a sustained way. The capture ratio defined earlier is not a number that 

tends toward stability; it is a number that oscillates without a center of gravity. 
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This dynamic, more than any individual contract, explains why the industry repeatedly returns to 

the same place: comparing rates, reducing headcount, and optimizing for visible efficiency rather 

than for economic value. The system is not failing to work. It works exactly as it was designed. 

The design itself is the problem. 

The following chapters build on this foundation by examining how this asymmetry shapes 

industry economics and client behavior, ultimately giving rise to the Valuation Paradox and the 

Client Paradox. 
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2. AI, the Great Revealer 

Artificial intelligence has rapidly become the central disruptive force shaping expectations about 

the future of the BPO industry. 

Over the past decade, advances in machine learning, natural language processing, and automation 

technologies have significantly expanded the range of tasks that software systems can perform. 

The emergence of generative AI models capable of producing human-like responses to complex 

prompts has accelerated this trend. These technologies can now handle a wide range of 

operational activities that were previously performed by human agents, including responding to 

customer inquiries, summarizing documents, processing transactions, and generating service 

recommendations. 

Many of these tasks represent core components of traditional outsourcing services. 

Customer support operations, technical help desks, claims processing, and other back-office 

functions often rely on large teams performing repetitive or standardized interactions. As artificial 

intelligence systems increasingly demonstrate the ability to handle such interactions 

autonomously, it is natural for investors and industry observers to question the long-term 

demand for large operational workforces. 

Several studies reinforce this perception of potential disruption. McKinsey Global Institute 

estimates that generative AI and complementary technologies could technically automate work 

activities accounting for 60–70% of total work time across the economy (McKinsey Global 

Institute, 2023). Within customer service specifically, Anthropic’s Economic Index finds 

customer service representatives to be the second most AI-exposed occupation among those 

tracked, with observed task exposure of approximately 70% — behind only computer 



17 

programmers (Anthropic, 2025).

 

*Anthropic, 2025 

For an industry whose economic model has historically depended on the provision of operational 

labor capacity, these developments appear particularly consequential. If intelligent systems can 

perform a large share of routine interactions, the demand for human agents may decline. Under 

traditional outsourcing pricing structures, fewer agents translate directly into fewer billable units. 

This logic has shaped investor sentiment toward the sector. Since the public release of large-scale 

generative AI models in late 2022, the publicly traded outsourcing leaders have undergone one of 

the most severe re-pricings in the services sector: several of the largest firms have lost the 

substantial majority of their peak market value, with some reduced to small fractions of their 

former capitalization, and the repricing has continued to deepen well into 2026. Notably, this 

markdown has persisted even where operating performance has remained broadly stable,  a 

divergence between market perception and operational reality that reflects a substitution thesis 

rather than realized deterioration. That thesis, as Chapter 3 will show, rests on assumptions about 

both the demand for outsourced services and the cost of the technology assumed to replace them 

— and both assumptions are open to serious challenge. 
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Figure: Schematic representation of the sector repricing since late 2022, indexed to each provider’s peak 
market value (= 100). Individual trajectories vary; the figure illustrates direction and magnitude, not point-
in-time quotes. 

Artificial intelligence therefore functions as a revealing force for the outsourcing industry. 

It exposes the degree to which many outsourcing services remain built around large-scale 

execution of routine operational tasks. When those tasks become technologically automatable, the 

economic foundations of the traditional outsourcing model appear vulnerable. 

Yet the implications of this technological shift are not straightforward. 

Automation may reduce the need for certain types of operational work, but it also raises broader 

questions about how service industries evolve when productivity increases and technology 

reshapes operational processes. 

Understanding these dynamics requires examining the economic foundations of technological 

change more closely. 



19 

 

 

2.1 The abstraction of value: a structural pattern across technology cycles 

To understand what AI is doing to the BPO industry, it is useful to situate the disruption within a 

broader structural pattern that has repeated across every major technology cycle of the past 150 

years. Sawhney (2026) describes this pattern as the abstraction of value: as technology matures, 

lower layers of the value stack: 

• infrastructure, 

• execution, 

• and routine labor 

become progressively commoditised, and economic value migrates upward toward the layers that 

solve real business problems through: 

• orchestration, 

• judgment, 

• and domain expertise. 
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This pattern held across railroads, electrification, telecommunications, the internet, and cloud 

computing. AI is its most recent expression. 

Applied to the BPO industry, the implication is direct. BPO providers have historically competed 

at the execution layer: large-scale delivery of operational labor at low cost. In Sawhney’s 

framework, this is precisely the layer that technology commoditises first and fastest. The threat 

AI poses to traditional outsourcing is therefore not an anomaly, it is the application of a structural 

law that has governed value migration in every prior technology cycle. The industry is not 

experiencing an unprecedented disruption; it is experiencing a well-documented pattern arriving 

in a sector that built its commercial model on the layer most vulnerable to it. 

Sawhney’s framework also identifies the reciprocal dynamic: the value of abstraction. As 

machines absorb routine execution, the humans - and the organisations - that operate at higher 

levels of abstraction capture a disproportionate share of the economic rewards. In Sawhney’s 2001 

Harvard Business Review formulation, this was expressed as the principle that “more money can 

be made in managing interactions than in performing actions” (Sawhney & Parikh, 2001). 

Twenty-five years later, that principle describes the strategic imperative facing every outsourcing 

provider: move from performing operational actions to managing the systems and outcomes that 

those actions generate. 

The value abstraction framework also offers a more precise diagnosis of why the investor narrative 

described in the Valuation Paradox misreads the situation. Markets are correct to identify that the 

execution layer, the layer where BPO revenue has historically concentrated, is under compression. 

They are incorrect to conclude that compression at one layer implies the elimination of the 

industry or a severe reduction in its value creating abilities. In every prior technology cycle, the 

commoditisation of lower layers expanded the total value available at upper layers. The question 
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for BPO is not whether the execution layer will be disrupted. That is structurally inevitable. The 

question is whether the industry will migrate upward to orchestration, domain application, and 

value participation before the compression of the execution layer removes the economic 

foundation for that migration. 
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3. The Valuation Paradox 

The rapid emergence of artificial intelligence has fundamentally altered how investors and 

industry observers evaluate the future of the outsourcing sector. As AI systems demonstrate the 

ability to automate many routine operational tasks, financial markets increasingly interpret 

technological progress as a threat to labor-intensive service industries such as BPO. 

This perception creates what may be described as the Valuation Paradox. 

On one hand, the technological capabilities of AI appear to challenge the traditional economic 

foundations of the BPO industry, which has historically relied on large-scale operational 

workforces. On the other hand, the same technologies are expected to significantly increase 

productivity, expand digital service demand, and accelerate enterprise transformation; 

developments that should, in principle, increase the need for operational expertise and managed 

services. 

In other words, the technological forces that appear to threaten the outsourcing industry are 

simultaneously those that may expand the long-term demand for operational services. 

Understanding this contradiction requires examining three related questions. First, what do 

industry forecasts actually suggest about the future growth of outsourcing services? Second, how 

does economic theory explain the relationship between automation, productivity, and labor 

demand? Third — and least examined — what does AI-delivered work actually cost once it is 

deployed at production scale?  

The prevailing substitution narrative rests not only on assumptions about demand, but on the 

assumption that AI-delivered work is close to free. The following sections explore all three 

questions and show that the perceived threat of artificial intelligence to the outsourcing industry 

is overstated on both sides of the same equation: markets misread the demand for operational 

services, and they misread the cost of the technology assumed to replace them. 
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3.1 Industry Growth Forecasts 

Despite concerns that artificial intelligence may reduce demand for human labor in customer 

operations, most industry forecasts continue to project substantial long-term growth for the 

global BPO market. 

Grand View Research estimates that the global BPO market reached approximately $280 billion 

in 2023 and is expected to grow at a compound annual growth rate (CAGR) of roughly 9% between 

2024 and 2030, potentially exceeding $520 billion by the end of the decade (Grand View 

Research, 2024). 

Other industry analyses report similar projections. Research by Fortune Business Insights 

estimates the global BPO market at approximately $302 billion in 2024, with expected growth to 

nearly $525 billion by 2032, representing a CAGR of approximately 7–8%. Likewise, Statista 

projects that outsourcing revenues in customer service, finance and accounting outsourcing, and 

information technology (IT)-enabled services will continue to expand as enterprises seek 

operational flexibility and access to specialized capabilities. 

Several structural drivers underpin these growth expectations. 

First, enterprises increasingly operate within complex regulatory environments. Sectors such as 

healthcare, financial services, insurance, and public administration require extensive compliance 

monitoring, documentation, and risk management processes. These functions often involve large 
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volumes of operational work that organizations prefer to outsource to specialized service 

providers. 

Second, global labor shortages in many developed economies are encouraging firms to externalize 

operational processes. Outsourcing enables companies to access international talent pools while 

maintaining cost flexibility. 

Third, digital transformation initiatives are increasing the complexity of enterprise operations. 

Research by Gartner suggests that organizations are increasingly relying on managed service 

providers and outsourcing partners to operate hybrid human–AI workflows, integrate 

automation technologies, and manage operational data environments. 

Finally, artificial intelligence itself may expand outsourcing demand in unexpected ways. While 

AI automates certain routine interactions, it simultaneously creates new categories of operational 

work, including model supervision, exception handling, regulatory compliance monitoring, and 

the orchestration of AI-enabled service environments. 

Taken together, these factors suggest that the fundamental demand for outsourced operational 

services is unlikely to disappear. Instead, the structure of that demand is evolving. 

This creates a striking contradiction. 

If the BPO industry is expected to grow at 7 - 9% annually, why do financial markets increasingly 

treat the sector as if automation will cause long-term contraction? Before we answer this question 

let’s take a deeper look into understanding why the BPO sector may grow further in the future. 

3.2 Economic Foundations: What Technology Actually Does to Work 

3.2.1 The Labour–Capital Structure of the BPO Industry 

Understanding the long-term impact of artificial intelligence on the outsourcing industry requires 

examining the economic relationship between two fundamental inputs of production: labor and 

capital. 

In most industries, output is generated through a combination of human labor and capital assets 

such as machinery, software systems, infrastructure, and intellectual property. Economic growth 

historically occurs through what economists describe as capital deepening, the process by which 

additional capital investment increases the productivity of labor. When workers are equipped with 

better tools, automation technologies, or digital systems, the amount of output produced per 

worker typically increases. Classical growth theory identifies technological change and capital 

accumulation as central drivers of productivity improvements and economic expansion (Solow, 

1957; Mankiw, Romer & Weil, 1992). 

The BPO industry developed under a markedly different economic structure. 
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Historically, outsourcing services have been characterized by relatively low capital intensity 

compared to manufacturing or technology sectors. While providers deploy technology platforms 

such as telephony infrastructure, workflow systems, and customer relationship management 

software, the core productive input in most outsourcing engagements has remained human labor. 

Customer interactions, transaction processing, claims administration, and other operational 

services have traditionally required large teams of agents executing standardized processes at 

scale. 

This structure closely resembles what Baumol (1967) described as labor-intensive service 

production, where productivity growth is constrained because output depends heavily on human 

interaction rather than capital substitution. In such environments, increases in service capacity 

are typically achieved by expanding the workforce rather than through significant capital 

investment. 

As a result, operational output within the outsourcing industry has historically scaled in near 

proportion to workforce size. Expanding service capacity typically required adding additional 

personnel rather than deploying additional productive capital. In economic terms, the production 

structure of many outsourcing services has therefore resembled a labor-dominant production 

function, where increases in output are closely linked to increases in labor input. 

The commercial architecture of the industry evolved to mirror this production structure. 

As discussed in Section 1.3, most outsourcing contracts continue to rely on FTE-based pricing 

models in which revenue scales according to the number of personnel deployed within an 

engagement. Under this model, the economic relationship between production inputs and 

revenue generation becomes highly transparent: provider revenues expand as the volume of 

operational labor increases. While variations exist through transaction-based pricing or hybrid 

structures, the underlying logic remains largely consistent. Provider revenues grow primarily 

through the expansion of operational workforces. 

This structural alignment between production inputs and commercial models proved highly 

effective during the early growth phase of the outsourcing industry. Labor arbitrage across 

geographic regions created significant cost advantages for client organizations while enabling 

providers to scale global delivery networks rapidly. Because technology played a supporting rather 

than transformative role in service production, the economic model of the industry remained 

centered on workforce deployment. 

However, this structure also introduced a fundamental limitation. 

In industries characterized by significant capital intensity, productivity improvements generated 

through technology adoption typically increase economic output while preserving or expanding 

revenue potential. Automation technologies, for example, allow manufacturers to produce more 

goods with fewer workers while increasing the value generated per unit of production. 
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In contrast, when production relies primarily on labor inputs and commercial models link 

revenue directly to workforce size, productivity improvements may reduce revenue potential 

rather than increase it. If fewer agents are required to perform a given operational task, the 

number of billable labor units declines. 

This dynamic helps explain the structural tension discussed earlier in the Commoditization Trap. 

When outsourcing services are priced primarily according to labor capacity, providers benefit 

from operational scale but capture limited economic value from productivity improvements. 

Technological efficiency gains primarily accrue to the client organization, while provider revenue 

remains closely tied to the volume of labor deployed. 

The emergence of artificial intelligence introduces a significant shift within this economic 

structure. 

AI technologies represent a form of capital deepening within service operations. Automated 

interaction systems, AI-assisted knowledge retrieval tools, workflow orchestration platforms, and 

generative AI models introduce new forms of productive capital into operational environments 

that historically relied predominantly on human labor. Research on digital productivity 

demonstrates that investments in information technology can substantially augment the 

effectiveness of service workers by enabling faster decision-making, improved information access, 

and greater process automation (Brynjolfsson & McAfee, 2014; Triplett & Bosworth, 2004). 

These technologies increase the productivity of individual workers while simultaneously 

automating portions of routine operational tasks. 

From a technological perspective, this transformation resembles patterns observed in many other 

industries where capital investment reorganizes the structure of work and increases productivity. 

However, because much of the outsourcing industry’s revenue model remains anchored in labor-

based pricing structures, capital deepening initially appears economically disruptive. If 

technology reduces the amount of labor required to deliver a given operational output, the 

traditional revenue drivers of the industry appear to weaken. 

This perception contributes directly to the Valuation Paradox described earlier in this chapter. 

Financial markets increasingly interpret technological progress as a threat to labor-intensive 

service providers because automation reduces the number of workers required to perform 

operational tasks. 

Yet this interpretation overlooks a fundamental economic mechanism. 

Capital deepening rarely eliminates economic activity. Instead, it changes the composition of 

work, increases productivity, and often expands the scale and complexity of services that 

organizations can economically provide. As artificial intelligence reduces the cost of routine 

operational tasks, enterprises may expand customer engagement, introduce new service offerings, 
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and operate increasingly complex digital service environments (Autor, 2015; Acemoglu & 

Restrepo, 2018). 

A further implication of capital deepening is that productivity gains from new technologies are 

not always immediately visible in economic output. Research on general-purpose technologies 

suggests that the introduction of new technological capabilities is often associated with a 

temporary lag between investment and measurable productivity improvements. Brynjolfsson, 

Rock, and Syverson (2021) describe this dynamic as a “productivity J-curve,” in which 

organizations initially experience a period of adjustment as they invest in complementary assets 

such as process redesign, workforce reskilling, data infrastructure, and new operating models. 

During this phase, the costs of transformation are incurred before the full benefits of increased 

productivity are realized. As a result, measured productivity may appear stagnant or even decline 

despite significant technological progress. Only once organizations have reconfigured their 

operating models to fully integrate new technologies do productivity gains begin to materialize at 

scale. 

In the context of the outsourcing industry, this dynamic has important implications. The adoption 

of artificial intelligence requires not only the deployment of new tools, but also the redesign of 

workflows, governance structures, and performance management systems. These complementary 

investments shift value creation away from labor inputs toward system-level capabilities that are 

not immediately reflected in traditional output or revenue metrics. 

This helps explain why early-stage AI adoption may appear economically disruptive for labor-

based service providers. While productivity increases, the value created by these improvements is 

not immediately visible within existing commercial models, reinforcing the perception that 

automation reduces economic output rather than transforming it. 

In such environments, the role of outsourcing providers evolves rather than disappears. 

Instead of functioning primarily as suppliers of labor capacity, providers increasingly operate 

hybrid human–technology service systems that combine automation platforms, data analytics, 

governance frameworks, and specialized operational expertise. The productive system becomes 

less dependent on workforce size alone and more dependent on the effective orchestration of 

human and technological capabilities. 

This shift has important implications for the strategic transformation discussed later in this paper. 

If the outsourcing industry successfully transitions toward commercial models that capture value 

from productivity improvements, platform operations, and customer outcomes, capital deepening 

may expand rather than contract the industry’s economic potential. Artificial intelligence would 

then function not as a substitute for outsourcing services but as a catalyst for the emergence of a 

more capital-augmented operational model. 
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Understanding this structural shift provides an essential foundation for the economic dynamics 

examined in the following sections, including the task-based displacement effects of automation, 

the expansion of service demand described by the lump-of-labor fallacy, and the increasing 

governance requirements created by regulatory complexity. 

Together, these forces suggest that the long-term evolution of the outsourcing industry will be 

determined less by the absolute quantity of labor required and more by how effectively providers 

integrate human expertise with emerging technological capabilities. 

3.2.2 Displacement Theory 

A large body of economic research suggests that technological progress rarely eliminates entire 

occupations. Instead, it reorganizes the structure of work by automating specific tasks while 

increasing demand for complementary capabilities. 

Acemoglu and Restrepo (2018) describe this dynamic through what is commonly referred to as 

task-based displacement theory. In this framework, automation technologies substitute routine 

tasks that can be codified into software or algorithms, while human labor shifts toward activities 

that require judgment, problem-solving, and contextual decision-making. 

Rather than removing work entirely, automation changes the composition of work. 

Routine and repetitive activities are increasingly performed by machines, while humans 

concentrate on higher-value tasks that require interpretation, coordination, and oversight. In 

many cases, the reduction in production costs generated by automation expands demand for 

services, creating new layers of economic activity. 

A useful way to understand displacement theory is to examine how previous waves of 

technological change have reshaped industries. The introduction of automated teller machines 

(ATMs) provides one of the clearest empirical examples. Between 1970 and 2010, the number of 

ATMs in the United States grew from near zero to more than 400,000 machines. Over the same 

period, the core transactional tasks performed by bank tellers, cash withdrawals, deposits, and 

balance inquiries, became increasingly automated. 

At first glance, this would suggest a significant decline in teller employment. However, empirical 

evidence shows a different outcome. According to research by David Autor, the number of bank 

tellers in the United States increased from approximately 300,000 in 1970 to around 500,000 by 

2010, even as ATM adoption accelerated (Autor, 2015). This apparent contradiction can be 

explained through two mechanisms. 

First, ATMs reduced the cost of operating bank branches. As a result, the number of bank 

branches in the United States expanded significantly—from roughly 60,000 branches in 1988 to 

over 95,000 by 2010. Lower operating costs made it economically viable for banks to increase 

their physical presence. 
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Second, the role of tellers changed. As routine transactional tasks were automated, human 

employees shifted toward higher-value activities such as customer advisory, product sales, and 

relationship management. The occupation evolved from transaction processing to customer 

engagement. 

In economic terms, automation displaced specific tasks but increased demand for complementary 

human capabilities. 

Empirical research on generative AI illustrates this pattern clearly. Brynjolfsson, Li, and Raymond 

(2023) studied the introduction of AI-assisted tools in a large customer-support environment and 

found that the technology increased agent productivity by approximately 14 percent on average, 

with significantly larger gains among less experienced workers. The study also observed improved 

resolution quality and reduced escalation rates. 

Importantly, the technology did not eliminate customer support work. Instead, it shifted the 

nature of the work toward tasks that required human judgment, such as resolving complex issues, 

managing customer relationships, and supervising automated systems. 

This pattern is consistent with historical evidence across multiple industries. Technologies that 

automate routine activities often reduce the cost of service delivery, expand output, and create 

new demand for complementary services. 

In the context of outsourcing, artificial intelligence is therefore more likely to reorganize 

operational work rather than eliminate it. Routine inquiries may increasingly be handled through 

automated channels, but this shift simultaneously increases the importance of complex case 

resolution, customer retention management, operational analytics, and system supervision. 

The implication for the BPO industry is that automation does not necessarily reduce the demand 

for operational services. Instead, it changes the types of capabilities that providers must deliver. 

3.2.3 The “Lump of Labor” Fallacy 

A related misconception influencing perceptions of automation is the belief that there exists a 

fixed quantity of work within an economy. This assumption, commonly referred to as the “lump 

of labor fallacy,” suggests that when machines perform certain tasks, the total amount of work 

available to humans must necessarily decline. 

Economic research consistently demonstrates that this assumption is incorrect. 

Autor (2015) argues that technological progress historically reduces the cost of producing goods 

and services, which in turn expands output and stimulates new forms of demand. Rather than 

eliminating work entirely, automation typically reallocates labor toward new activities that 

become economically viable once productivity improves. 

This dynamic can be observed repeatedly throughout economic history. 
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The introduction of automated teller machines (ATMs), for example, initially raised concerns that 

bank teller jobs would disappear. Instead, the lower operating costs enabled banks to open more 

branches and shift employees toward advisory and relationship-management roles. Similarly, 

advances in cloud computing and enterprise software did not eliminate IT employment but 

instead contributed to the rapid expansion of managed services, cybersecurity, and digital 

infrastructure management. 

In each case, technology reduced the cost of performing certain tasks while simultaneously 

expanding the scale and complexity of economic activity. 

The same mechanism is likely to apply to artificial intelligence within service industries. AI 

technologies reduce the cost of performing routine interactions and administrative tasks, but this 

reduction in cost may also expand the number of services that organizations can economically 

provide. 

In customer operations, for example, lower interaction costs may enable companies to increase 

proactive customer engagement, provide more personalized support, and expand service coverage 

across digital channels. These expanded service models generate new operational demand even 

as individual tasks become more efficient. 

For the outsourcing industry, this dynamic has important implications. If automation reduces the 

cost of operational processes, enterprises may expand the scope of services they deliver rather 

than simply reducing headcount. In this scenario, outsourcing providers capable of integrating AI 

with human expertise may benefit from expanded operational scope, even as the nature of the 

work evolves. 

The assumption that automation inevitably reduces the total amount of work therefore overlooks 

a fundamental economic mechanism: technological productivity often increases the scale of 

economic activity rather than shrinking it. 

3.2.4 Regulatory Density: The Structural Variable 

A fourth structural factor shaping the long-term impact of automation is the increasing regulatory 

complexity of modern economies. 

Over the past several decades, a growing share of economic activity has shifted toward sectors 

characterized by high levels of regulation and compliance requirements. Industries such as 

healthcare, financial services, insurance, utilities, and public-sector administration now represent 

a substantial portion of GDP in advanced economies. 

In the United States, healthcare alone accounts for roughly 18% of GDP, while financial services 

contribute approximately 10 - 11%. When combined with utilities, transportation, and other 

regulated sectors, more than one-third of economic output operates within regulatory frameworks 
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that impose strict oversight and documentation requirements (U.S. Bureau of Economic Analysis, 

2024). 

These industries require extensive operational processes designed to ensure compliance with 

regulatory standards. Activities such as identity verification, transaction monitoring, audit 

documentation, risk management, and regulatory reporting remain difficult to fully automate 

because they require explainability, traceability, and human accountability. 

The emergence of artificial intelligence has reinforced rather than reduced these requirements. 

International governance frameworks such as the Organisation for Economic Co-operation and 

Development (OECD) Principles on Artificial Intelligence (2019) and the National Institute of 

Standards and Technology (NIST) AI Risk Management Framework (2023) emphasize 

transparency, risk monitoring, and human oversight in the deployment of AI systems. 

As organizations integrate AI technologies into operational environments, regulatory 

expectations increasingly require structured governance mechanisms. These mechanisms include 

model monitoring, exception management, policy enforcement, and documentation processes 

that ensure automated systems operate within acceptable risk boundaries. 

For outsourcing providers, this trend creates an additional layer of opportunity. While AI may 

automate certain operational tasks, the governance and supervision of AI-enabled processes often 

require new operational capabilities. 

In this sense, regulatory density acts as a counterbalance to automation. Instead of eliminating 

operational work, it shifts demand toward activities that ensure compliance, oversight, and 

operational accountability. 

For the BPO industry, the growing complexity of regulatory environments may therefore increase 

demand for specialized operational partners capable of managing AI-enabled processes within 

strict governance frameworks. 

There is an important connection between regulatory density and the pricing-to-value asymmetry 

that is worth making explicit. Regulated industries are precisely the contexts where outcome 

measurement is most difficult. The linkage between an operational interaction and its 

downstream financial consequence - a retained customer, a regulatory penalty avoided, a 

fraudulent claim identified - is long, mediated by multiple systems, and rarely captured in real-

time operational data. 

This measurement difficulty is one of the structural reasons why procurement in regulated sectors 

defaults to FTE-based pricing even when the economic stakes of customer operations are highest. 

Banks, insurers, and healthcare administrators all operate in environments where outsourced 

services can influence outcomes worth hundreds of millions of dollars annually. Yet the same 

measurement opacity that makes these relationships high-value makes them resistant to 

outcome-based commercial design. The safer, more defensible choice for a procurement team is 
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cost per agent — a number that can be benchmarked and justified regardless of what it actually 

buys. 

Regulatory density therefore does not simply create more work for outsourcing providers. It 

deepens the pricing-to-value asymmetry by concentrating high-consequence operational activity 

in the sectors least equipped to price that activity according to its actual economic contribution. 

As AI governance requirements layer additional oversight obligations onto these same regulated 

environments, both the volume of work and the structural distance between price and value are 

likely to increase together. 

3.2.5 The Cheap AI Illusion: The Supply-Side Misreading 

The economic dynamics examined so far in this chapter address the demand side of the 

substitution narrative: whether automation contracts the market for operational services. But the 

narrative rests on a second premise that has received far less scrutiny. Its logic runs: AI can do 

what BPO agents do; AI is nearly free and getting cheaper; therefore an industry that sells labor 

is structurally doomed. The first clause is partially true, as Chapter 2 established. The second 

clause — that AI-delivered work is nearly free — deserves the same analytical treatment that this 

chapter has applied to demand. On close examination, it does not hold. 

The optimistic case gets one thing genuinely right: the price of raw model intelligence has 

collapsed. Research by Epoch AI documents inference prices for a given capability level falling by 

one to several orders of magnitude per year, such that model performance that cost tens of dollars 

per million output tokens in early 2023 was available for a small fraction of that within two years 

— a dynamic that venture analysts have described as “LLMflation” (Andreessen Horowitz, 2024). 

This is the curve that analyst models and industry transformation narratives extrapolate. It is also 

the wrong curve, because it measures the wrong unit. 

 

Nobody buys tokens. Enterprises buy resolved contacts, processed claims, and 

completed investigations — and on that unit, the fully loaded cost of AI-delivered 

work moves the other way. 

 

Industry cost analyses report that average enterprise AI budgets have grown several-fold between 

2024 and 2026 — over precisely the period in which token prices collapsed (FinOps Foundation, 

2026). The consultancy Artefact describes this divergence as the “token cost illusion.” Analyses of 

production deployments find that hidden costs — retrieval augmentation, embedding generation, 

context window management, and retry logic — routinely add 40 to 60 percent on top of the raw 

inference bill that most enterprise teams track (Artefact, 2026, citing OpsLyft). Agentic workflows 

compound this further: systems that plan, call tools, retry, and verify consume substantially more 
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tokens per completed task than a single prompt, so a falling unit price of intelligence does not 

translate into a falling total bill. These are not one-time implementation costs; they are the 

recurring operating costs of running AI-enabled work at production quality. 

There is a second, structural reason to doubt the near-free assumption: today’s inference prices 

are, in substantial part, subsidized. The leading model providers have reportedly operated at 

significant losses on the cost of serving inference, funded by private capital in pursuit of market 

share — a familiar playbook in which below-cost pricing wins adoption and the reckoning arrives 

when the capital demands returns. That reckoning now has a schedule. As the major AI 

laboratories move toward the public markets, their unit economics will face quarterly scrutiny at 

companies carrying compute commitments measured in the hundreds of billions of dollars. At the 

same time, and for the first time in the cloud era, the infrastructure underneath is inflating rather 

than deflating: cloud providers have begun implementing supply-driven price increases on 

graphics processing unit (GPU) capacity, high-bandwidth memory is sold out well into the 

forecast horizon, and advanced packaging capacity is committed years forward. 

Two caveats keep this argument honest. The pressure across model providers is asymmetric — 

some are reportedly approaching profitability while others remain deeply loss-making. And 

intense competition, together with capable open-weight models, makes crude list-price increases 

unlikely. Normalization is more likely to arrive as usage caps, the withdrawal of loss-making flat-

rate plans, and stricter enterprise pricing discipline. For an organization running AI at production 

scale, however, the effect is the same: a higher effective bill than the token curve implied. 

The most direct evidence, though, is simply what AI-delivered work costs at market prices today. 

The leading AI customer-service vendors have set published or reported prices in the range of 

roughly one to two dollars per AI-handled resolution at the low end, while enterprise-grade agent 

deployments are reported to price at several dollars per resolved conversation on top of six-figure 

implementation fees and multi-month deployment timelines. The human benchmark against 

which these prices compete is not a single number. In offshore delivery, a human-handled 

interaction can cost as little as the low single dollars; nearshore and onshore delivery typically 

runs two to four times that, depending on location and activity. Against onshore cost structures, 

the substitution economics are real. Against offshore delivery, an AI resolution at current market 

prices is not even reliably cheaper than the human interaction it is supposed to replace. In either 

case, this is at best a partial-cost story with implementation risk and volatile input costs 

underneath, not the near-zero story implied by token prices. 

The implication for the Valuation Paradox is direct. Markets have priced the near-zero story: an 

assumption of essentially free substitution that justifies treating labor-anchored revenue as 

terminally impaired. The cost evidence describes a different world, one in which hybrid human–

AI operations, the terrain BPO providers actually occupy, remain the economically rational 

delivery model for an extended period. This is especially true in the regulated, governance-

intensive sectors described in the preceding section, where the stakes of customer operations are 
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highest, the oversight obligations of AI deployment are greatest, and the fully loaded cost of 

autonomous AI delivery is furthest from the token curve. 

3.3 In Conclusion: 

The economic dynamics discussed in this chapter challenge the widespread assumption that 

artificial intelligence will inevitably reduce demand for outsourcing services. 

Automation historically reorganizes work rather than eliminating it. Productivity improvements 

reduce the cost of performing routine tasks, which in turn expands the scale and complexity of 

economic activity. At the same time, growing regulatory density and the governance requirements 

surrounding AI deployment create new operational functions that remain difficult to fully 

automate. 

From a purely economic perspective, these forces suggest that the long-term demand for 

operational services may remain robust, even as the nature of the work evolves. 

Yet financial markets increasingly interpret automation as a threat to the outsourcing industry. 

This interpretation now rests on two errors rather than one. The first is the demand-side 

misreading examined throughout this chapter: the assumption that automation contracts the 

market for operational services, when the structural drivers of demand — regulatory density, 

governance obligations, and the orchestration of hybrid human–AI operations — continue to 

expand. The second is the supply-side misreading examined in Section 3.2.5: the assumption that 

AI-delivered work is nearly free, when the fully loaded cost per delivered outcome is materially 

higher than token prices suggest, partially sustained by capital subsidy, and exposed to inflating 

infrastructure costs beneath it. 

The Valuation Paradox is therefore best understood as a double mispricing. Markets have 

discounted the sector as if both assumptions were true. The evidence suggests that neither is — 

and that the window this creates belongs to the providers willing to use it, a theme to which 

Chapter 5 returns. 

This apparent contradiction reflects the structure of the industry’s commercial model rather than 

the underlying economics of technological change. When provider revenues are primarily tied to 

labor inputs, productivity improvements appear to reduce revenue potential. If fewer workers are 

required to deliver the same operational output, billable labor units decline. 

In reality, automation often increases the total value generated by operational systems. Customer 

operations influence retention, repeat purchasing, revenue recovery, and ultimately the long-term 

economic value of customer relationships. Research on Customer Lifetime Value demonstrates 

that relatively small improvements in retention or relationship quality can generate substantial 

financial impact over time (Reichheld & Teal, 2001; Fader & Hardie, 2013). 
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In my earlier work on Customer Lifetime Value and Relationship Quality (CLV–RQ), I argue that 

customer interactions should be understood not merely as operational events but as moments 

that shape the long-term value trajectory of the customer relationship. In many industries, the 

cumulative financial impact of these interactions represents billions of dollars in enterprise value. 

Yet despite this strategic significance, outsourcing services that influence these outcomes are 

typically monetized through input-based commercial models such as cost per FTE, cost per hour, 

or cost per contact. 

In economic terms, a service that materially influences high-value financial outcomes is 

frequently priced as a low-value labor input – The Pricing to Value Asymmetry. 

It explains why productivity improvements appear economically disruptive for providers even 

when they increase the total value generated by operational systems. 

Understanding this misalignment leads directly to the next structural dynamic shaping 

outsourcing economics: the Client Paradox. 
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4. The Client Paradox 

The misalignment between value creation and revenue capture described in the previous chapter 

(1.4 Pricing to Value asymmetry) is not only a consequence of legacy commercial models within 

the outsourcing industry. It is also reinforced by the way client organizations evaluate and 

purchase outsourcing services. 

Despite widespread agreement among executives that outsourcing should deliver measurable 

business outcomes, most sourcing decisions continue to prioritize input costs rather than value 

creation. 

This contradiction forms what may be described as the Client Paradox. 

Customer operations play a central role in shaping long-term customer relationships and 

therefore the economic value generated by a firm’s customer base. Customer interactions 

influence retention, revenue recovery, repeat purchasing, and ultimately Customer Lifetime Value 

(CLV) and Relationship Quality (RQ). 

Yet outsourcing decisions for these activities are still predominantly evaluated through cost 

benchmarks such as FTE rates or cost per contact rather than through their impact on customer 

retention, revenue protection, or long-term customer value. 

Industry surveys illustrate this dynamic clearly. 

Deloitte’s Global Outsourcing Survey illustrates the gap directly. Drawing on more than 500 

executives globally, its most recent edition reports that outsourcing delivery models are maturing 

toward value-based relationships, that outcome-based delivery models have increased in 

adoption, and that skilled talent and agility have joined cost reduction as key drivers of sourcing 

decisions (Deloitte, 2024). Yet the commercial architecture of the industry has not moved with 

the stated intent. This divergence is the Client Paradox in its sharpest form: what buyers say they 

want has broadened, while how they buy has not. 

Similarly, research by Everest Group finds that the majority of outsourcing contracts in customer 

operations continue to rely on FTE or transaction-based pricing structures, with outcome-based 

models representing only a small minority of engagements. 

Several structural factors explain this persistent gap between aspiration and practice. 

Understanding them matters because the Client Paradox is not simply a failure of intent — it is a 

consequence of systems that make the wrong decision feel like the right one. 

4.1 Cost is measurable; measuring value is hard 

The most fundamental reason the Client Paradox persists is that cost and value differ in their 

measurability. A rate card can be compared across five vendors within hours. A value contribution 
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cannot. To understand value, a procurement team would need to answer questions such as: how 

does a one-percentage-point improvement in first-contact resolution affect customer retention? 

What is the revenue effect of a better-handled complaints journey? How do interaction-level 

quality improvements compound over a customer lifetime? 

Most organizations cannot answer these questions with confidence. So they substitute precision 

with comparability. And comparability, because it produces numbers that feel analytical and 

defensible, creates a convincing illusion of rational decision-making. The BPO is evaluated not on 

what it actually contributes to enterprise value, but on whether its price per FTE is competitive 

relative to benchmark. 

4.2 Procurement frameworks reward the wrong behavior 

Procurement functions are designed to reduce variance and ensure defensibility. They are built to 

make decisions auditable, comparable, and controllable. FTE-based pricing fits this system 

almost perfectly: it standardizes the problem, allows structured scoring, and produces outputs 

that can be validated by finance, legal, and compliance teams without requiring any domain 

knowledge of how customer operations generate economic value. 

The result is a system that optimizes rigorously for cost control while treating value creation as a 

secondary or unmeasurable dimension. This is not a failure of procurement competence. It is a 

logical response to the incentive environment in which procurement professionals operate. They 

are rewarded for achieving cost targets and minimizing supplier risk — not for maximizing the 

long-term CLV contribution of the customer operations they are sourcing. 

4.3 The industry trained clients to think in inputs 

For two decades, BPO was sold primarily as a cost lever. Labor arbitrage, offshoring, efficiency. 

The entire commercial narrative of the industry conditioned clients to evaluate outsourcing 

relationships in terms of headcount, rates, utilization, and arbitrage. When clients make sourcing 

decisions today, they are not approaching the problem fresh — they are applying a mental model 

that has been reinforced by every request for proposal (RFP) they have run, every contract they 

have signed, and every rate benchmark they have received. Within that model, FTE pricing feels 

not only logical but natural. The industry shaped its own buyer behavior. 

4.4 Trust gaps reinforce input-based control 

Outcome-based models require clients to extend a fundamentally different kind of trust. They 

must allow providers greater operational autonomy, accept that performance measurement will 

involve imperfect attribution, and agree to share in the financial upside when improvements 

occur. This is a qualitatively different relationship from one in which the client specifies inputs, 

monitors utilization, and benchmarks cost. Many organizations remain unwilling to take this step 

— particularly for operational processes that directly touch customer relationships, where the 
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consequences of underperformance feel acutely visible and the benefits of outperformance are 

diffuse. 

The result is a form of rational conservatism. Even when business stakeholders privately believe 

that outcomes matter more than inputs, the perceived risk of moving to an outcome-based model, 

losing the clarity and control of input monitoring, outweighs the expected benefit of better 

commercial alignment. Clients revert to what they can control. Inputs. 

4.5 Partial ownership makes value difficult to isolate 

A final structural barrier is scope. Most outsourcing engagements manage only a portion of the 

end-to-end customer journey. Providers handle inbound contacts, or claims processing, or 

retention campaigns — but not the full arc of the customer relationship. When a provider controls 

only a segment of the process, connecting their performance to enterprise-level outcomes such as 

annual revenue retention or customer lifetime value becomes technically and contractually 

complex. Attribution is genuinely difficult, and both sides understand this. The result is that even 

clients who would prefer outcome-based pricing often cannot identify a commercially acceptable 

way to structure it. 

Taken together, these five dynamics explain why the Client Paradox has proven so resistant to 

resolution despite widespread recognition of its costs. The problem is not that clients fail to 

understand value. It is that the systems they operate in — their procurement frameworks, their 

measurement capabilities, their historical mental models, their trust relationships with providers, 

and the scope of their outsourcing engagements — consistently make the input-based decision 

feel safer, more controllable, and more defensible. Escaping the paradox requires not just better 

pricing models but a change in how clients understand and measure the economic contribution 

of their operational partners. 

However, the rise of AI may fundamentally change this dynamic. 

AI technologies enable far more precise measurement of operational impact. Advanced analytics 

platforms can now link customer interactions to downstream outcomes such as customer 

retention, repeat purchasing, and revenue recovery. 

Research on Customer Lifetime Value (CLV) demonstrates that improvements in customer 

experience can generate substantial economic returns. 

For example, Reichheld and Teal (2001) showed that a 5% increase in customer retention can 

increase profits by 25 - 95% in many service industries. More recent research by Fader and Hardie 

further demonstrates how CLV analytics can quantify the long-term financial contribution of 

customer relationship improvements. 
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These analytical capabilities allow outsourcing providers to connect operational performance 

directly to financial value creation. Once this link becomes measurable, outcome-based 

commercial models become significantly easier to structure. 

The challenge for the industry therefore lies not only in redesigning pricing models but also in 

reframing the role of outsourcing providers. 

BPO firms must demonstrate that they are capable not merely of executing processes but of 

managing customer value systems. Only when providers establish credibility as contributors to 

measurable business outcomes will the Client Paradox begin to resolve. 
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5. The New BPO Business Model 

5.1 From Commoditization to Industry Transformation 

The analysis across previous chapters highlights a structural inflection point for the outsourcing 

industry. Three interconnected dynamics - commoditization, valuation distortion, and client 

behavior - have created a system in which value is generated but not fully monetized. 

Artificial intelligence intensifies this tension. Productivity improvements increase the value 

created by operational systems, but under labor-based pricing models, they appear to reduce 

revenue potential. 

This is not a failure of technology, but of commercial design. 

The future of the BPO industry will therefore be determined by its ability to redesign how value is 

monetized. Providers must transition from selling labor capacity to participating in the value 

generated by AI-enabled operations. 

 

5.2 The Value-Driven BPO Model 

If the structural challenge facing the outsourcing industry is the misalignment between how value 

is created and how revenue is captured, the solution requires a redesign not only of the operational 

delivery model but also of the commercial architecture through which outsourcing services are 

monetized. 

Within this framework, several revenue drivers are likely to become increasingly important. 

5.2.1 Operational Platform Services 

Even in highly automated environments, large-scale operational systems require infrastructure, 

governance, and coordination. Providers therefore continue to generate revenue through baseline 

operational platform fees covering delivery management, workforce planning, technology 

infrastructure, and service governance. 
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These services include capabilities such as workforce management systems, quality assurance 

frameworks, performance analytics, knowledge management, and operational leadership 

structures. As outsourcing relationships expand to include AI-enabled workflows, providers may 

also operate interaction orchestration platforms that integrate human agents, AI assistants, and 

automated service channels. 

For example, many large customer experience (CX) outsourcing providers already operate 

proprietary agent platforms and analytics systems that coordinate customer interactions across 

voice, chat, messaging, and automated channels. As AI adoption accelerates, these platforms may 

evolve into operational control systems for customer interaction ecosystems, generating recurring 

platform-style revenue streams. 

5.2.2 Productivity and Cost-to-Serve Gainsharing 

Artificial intelligence enables significant improvements in operational productivity. Studies by 

McKinsey estimate that automation and AI-assisted tools can improve productivity in customer 

operations by 20–40%, while research by Brynjolfsson, Li, and Raymond finds productivity 

improvements of approximately 14 percent on average, with larger gains among less experienced 

workers. 

These productivity gains reduce the cost required to operate customer and administrative 

processes. Under traditional outsourcing contracts, these savings accrue almost entirely to the 

client. However, hybrid commercial models increasingly allow providers to participate in the 

value created through efficiency improvements. 

Gainsharing mechanisms typically allocate a predefined share of cost savings between the client 

and the provider once efficiency improvements exceed agreed baseline targets. For example, if 

automation reduces operational costs by $10 million annually, a contract may allocate 20–30 

percent of the verified savings to the provider as an incentive for continuous optimization. 

Such structures align incentives around productivity improvements rather than labor expansion 

and encourage providers to invest in automation technologies that improve operational 

performance. 

5.2.3 Customer Value Participation 

A significant share of the economic value generated by customer operations does not arise from 

cost efficiency but from customer value outcomes, including improved retention, reduced churn, 

and increased revenue recovery. 

Research on Customer Lifetime Value demonstrates that relatively small improvements in 

retention rates can have large financial implications. Reichheld and Teal estimate that a 5 percent 

improvement in customer retention can increase profitability by 25 - 95% in many service 

industries. 
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Outsourcing providers increasingly participate in this value through revenue-sharing structures 

linked to measurable customer outcomes. For example, providers managing retention programs 

or collections operations may receive a percentage of incremental revenue recovered beyond 

agreed baseline performance levels. 

Similarly, outsourcing providers supporting proactive customer outreach or upselling programs 

may be compensated through performance-based commissions linked to incremental revenue 

generation. 

Such structures shift the focus of outsourcing engagements from operational throughput toward 

measurable business impact. 

5.2.4 Governance and Compliance Operations 

As enterprises deploy artificial intelligence within operational environments, the importance of 

governance, compliance, and risk management increases significantly. Highly regulated sectors 

such as healthcare, financial services, insurance, and public-sector administration require 

structured oversight mechanisms to ensure regulatory compliance and operational 

accountability. 

These activities include AI model monitoring, exception management, audit documentation, 

regulatory reporting, and operational risk controls. 

In many cases, these responsibilities require substantial operational capacity even in highly 

automated environments. For example, trust and safety operations within digital platforms 

already involve large-scale content moderation and policy enforcement systems combining 

automation with human oversight. 

Outsourcing providers with expertise in operational governance may therefore generate new 

revenue streams by operating AI supervision layers, ensuring that automated systems function 

within regulatory and policy frameworks. 

5.2.5 Transformation and Innovation Services 

Finally, the transition toward AI-enabled operations requires continuous redesign of workflows, 

operating procedures, and technology architectures. Enterprises adopting automation 

technologies often lack the operational expertise required to redesign processes at scale. 

Outsourcing providers with deep operational experience are therefore well positioned to support 

enterprise transformation initiatives, including automation deployment, workflow redesign, and 

operational reconfiguration. 

These transformation activities are typically monetized through consulting-style engagement 

models, implementation programs, or innovation partnerships in which providers participate in 

the economic value generated by new automation initiatives. 
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In this sense, outsourcing providers increasingly function as operators and architects of 

operational systems, combining execution capabilities with continuous transformation expertise. 

5.2.6 From Labor Providers to Operational Orchestrators 

Taken together, these revenue drivers represent a significant shift in the economic logic of 

outsourcing. Instead of relying primarily on labor capacity as the basis of revenue generation, 

providers increasingly participate in the broader value created through operational productivity, 

customer outcomes, governance capabilities, and process transformation. 

In this emerging model, the outsourcing provider becomes less a supplier of labor and more an 

orchestrator of AI-enabled operational ecosystems, integrating human expertise, automation 

technologies, data analytics, and governance frameworks into scalable service platforms. 

This transformation represents the structural response to the commoditization trap identified 

earlier in this paper. By aligning commercial incentives with productivity improvements and 

business outcomes, the outsourcing industry can convert technological disruption into a source 

of long-term economic growth. 

This shift from execution to orchestration is not merely a strategic option available to BPO 

providers. It is the directional prediction of the value abstraction framework that Sawhney has 

developed across three iterations of research spanning 25 years (Sawhney & Parikh, 2001; 

Sawhney, 2019; Sawhney, 2026). Across technology cycles from digital networks to AI platforms 

the pattern is consistent: value migrates away from the execution layer toward the orchestration 

layer, defined as the layer that manages interactions between other layers and directs the system 

toward outcomes. The BPO provider that moves from performing operational tasks to 

orchestrating the human, AI, and data systems that generate customer value is following the same 

migration path that the highest-value participants in every prior technology cycle have followed. 

The strategic lesson for BPO is precise: providers that embed their measurement infrastructure, 

analytics environment, and compliance frameworks into a client’s operational workflows are not 

merely providing a service, they are becoming the Orchestration Layer. The switching cost is no 

longer the friction of rebidding labor capacity. It is the cost of unwinding an integrated operational 

system that has accumulated institutional knowledge, calibrated baselines, and embedded data 

flows over years of engagement. This is where governance, properly developed, generates durable 

competitive advantage rather than merely cost. 

5.2.7 Agent value participation: the missing link 

The new BPO business model described in the preceding sections focuses primarily on the 

commercial relationship between providers and clients. But there is a third participant whose 

incentive alignment is equally critical to the model’s success, and who is almost entirely absent 

from traditional outsourcing commercial design: the agent. 
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Agents are the primary producers of customer value. They are the people who resolve complex 

issues, rebuild trust after a poor experience, convert an at-risk customer into a loyal one, and 

navigate the exceptions that automated systems cannot handle. The economic value generated in 

these moments is real and measurable — it flows directly into retention rates, repeat revenue, and 

Customer Lifetime Value. Yet the agent who produces it is typically compensated in a way that 

has no connection to that value whatsoever. 

Economic theory provides a clear prediction for what happens in this situation. Jensen and 

Meckling’s foundational work on principal- agent relationships demonstrates that misaligned 

incentives between principals and agents produce systematically suboptimal outcomes (Jensen & 

Meckling, 1976). In BPO, this misalignment operates at two levels simultaneously: between client 

and provider, and between provider and agent. Each layer of misalignment compounds the other. 

The consequences are predictable. When agents are measured and rewarded primarily on activity 

metrics — handle time, contacts per hour, schedule adherence — they optimize for those metrics. 

When quality matters but is not directly linked to compensation, quality investments by 

individual agents are economically irrational from the agent’s own perspective. When complex 

issues require more time to resolve properly, the incentive structure penalizes thoroughness. The 

system extracts labor while suppressing the discretionary effort and expertise that generate the 

most value. 

 

Value creation is only sustainable if value distribution supports it. If agents do 

not share in the upside, they disengage — and the system collapses back into 

commoditization. 

 

The transition to a value-driven BPO model therefore cannot be limited to the commercial layer 

between provider and client. It must extend into the internal incentive architecture of the provider 

organization. What this means in practice is the introduction of what might be called micro-value 

participation for agents: compensation structures that link individual agent rewards to the 

outcomes they influence. 

This does not require the same complexity as the outcome-based models described at the 

provider-client level. Practical mechanisms can include retention-linked performance bonuses, 

quality-tiered compensation bands that reward sustained customer experience outcomes rather 

than activity throughput, skill-based progression frameworks that allow agents who develop 

advanced resolution capabilities to access higher compensation rather than simply moving into 

management, and team-level gainsharing linked to measurable improvements in first-contact 

resolution or customer satisfaction scores. 
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Mechanisms of this kind presuppose something the industry has rarely built: a means of 

distinguishing one agent's capability from another's. Where the workforce is treated as 

undifferentiated labour capacity, there is no basis on which to pay for expertise, because expertise 

has never been formally recognised. For instance, BorderlessCX University illustrates the 

alternative, an AI-delivered assessment and certification programme that qualifies entrants for 

specific roles and verticals, from customer care to technical support and back-office processing, 

rather than for generic agent work. The relevance here is structural rather than developmental. 

Certification makes capability legible, and legibility is the precondition for pricing capability 

rather than time. 

Brandenburger and Stuart’s work on value appropriation theory further clarifies why this matters 

at the system level (Brandenburger & Stuart, 1996). When value capture is concentrated at only 

one level of a multi-party system, total value creation is constrained. Agents who do not 

participate in the upside of the value they generate will not invest in developing the capabilities 

required to generate more of it. The result is chronic underinvestment in the human expertise that 

sits at the core of every customer interaction — precisely the expertise that becomes more 

strategically important as AI automates the routine work around it. 

The emerging BPO model is sometimes described as a transition from labor providers to 

operational orchestrators. This framing is correct, but incomplete unless it accounts for what 

happens inside the orchestrating organization. An operational ecosystem in which platform 

services, AI workflows, and governance frameworks are aligned around customer value creation 

will not function at its potential if the people executing within it are aligned around a different 

objective entirely. The value distribution logic that applies between client and provider must 

cascade into the commercial relationship between provider and agent. 

Providers who recognize this early will build a competitive advantage that cannot easily be 

replicated through technology alone: a workforce genuinely motivated to optimize for the 

outcomes that clients care about most. 

5.3 Implications for Industry Economics and Valuation 

The transition toward a value-driven outsourcing model has significant implications for the long-

term economics of the industry. 

Under traditional FTE-based pricing structures, productivity improvements translate directly 

into declining billable labor units. Even when providers successfully deploy automation 

technologies and improve operational efficiency, the majority of the economic gains accrue to the 

client while provider revenues remain constrained by declining labor demand. 

Hybrid commercial models alter this dynamic by allowing outsourcing providers to participate 

directly in the value generated through productivity improvements. 
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When commercial structures link provider compensation to operational outcomes—such as cost 

reduction, revenue recovery, customer retention, or risk mitigation automation becomes a source 

of economic expansion rather than contraction. Productivity improvements increase the size of 

the value pool available to both clients and providers, aligning incentives around continuous 

operational improvement. 

This transformation also has important implications for how financial markets evaluate the 

outsourcing sector. 

Companies whose revenues depend primarily on labor inputs are typically valued as labor-

intensive service providers characterized by modest margins and limited scalability. In contrast, 

firms that derive an increasing share of revenue from technology-enabled services, governance 

capabilities, and outcome-based commercial structures may be perceived as operating closer to 

the economics of managed platforms or digital service providers. 

As a result, the successful transition toward hybrid commercial models may influence not only 

operating margins but also valuation multiples applied to the sector. 

In this sense, the long-term impact of artificial intelligence on the outsourcing industry will 

depend less on how much work is automated and more on whether providers succeed in 

redesigning the commercial frameworks through which operational value is monetized. 

If the industry remains anchored in labor-based pricing structures, productivity improvements 

may continue to compress revenue growth and reinforce investor skepticism. If, however, 

outsourcing providers successfully align their business models and commercial architectures with 

the productivity dynamics of AI-enabled operations, artificial intelligence may ultimately expand 

both the strategic relevance and the economic value of the sector. 
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5.4 Lessons from Software and AI Commercial Models 

While the Business Process Outsourcing industry has historically relied on labor-based pricing 

structures, some digital industries have already undergone a similar transition away from input-

based monetization. Over the past two decades, software, cloud computing, and more recently 

artificial intelligence platforms have developed commercial models that monetize value creation 

through multiple revenue layers rather than through a single unit of production. 

These models offer important lessons for the evolution of outsourcing economics. 

Software markets rarely rely on a single pricing mechanism. Instead, providers typically combine 

subscription access, usage-based consumption, performance-linked incentives, and 

transformation services within a single commercial architecture. Each component monetizes a 

different dimension of value delivered to the client. The result is a more resilient and scalable 

revenue structure that aligns provider incentives with productivity improvements rather than 

with resource consumption. 

A similar logic is increasingly visible in cloud computing markets. Infrastructure platforms such 

as Amazon Web Services or Snowflake generate revenue through a combination of platform access 

fees, consumption-based pricing tied to data or computing usage, and contract commitments that 

provide predictable revenue baselines while allowing demand elasticity. In these models, 

customers do not purchase infrastructure capacity in the form of labor inputs. They purchase 
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access to a service environment and pay in proportion to the value extracted from that 

environment. 

The relevance for outsourcing is significant. The traditional FTE pricing model effectively 

monetizes the inputs required to deliver a service. Software and cloud industries, by contrast, 

increasingly monetize the value generated by the service environment itself. 

This distinction provides a useful blueprint for how outsourcing commercial models may evolve. 

• First, many modern software businesses operate through recurring subscription or 

platform fees. These fees provide access to the service environment, including 

infrastructure, governance capabilities, analytics, and technical support. In the 

outsourcing context, a comparable model could emerge around operational service 

platforms. Providers increasingly operate complex environments that combine workflow 

systems, AI capabilities, quality frameworks, workforce management infrastructure, and 

governance functions. A recurring operational platform fee would recognize that value is 

created not only by frontline execution, but by the service environment that enables 

consistent delivery. 

• Second, digital platforms increasingly rely on usage-based pricing structures in which 

customers pay in proportion to actual consumption. In cloud markets, usage units may 

include computing power, data storage, application programming interface (API) calls, or 

AI inference requests. Translating this logic into outsourcing environments suggests 

pricing models based on standardized work units rather than on labor capacity. Resolved 

cases, investigations completed, claims processed, or policy decisions executed represent 

measurable units of operational output that more directly reflect the service delivered to 

clients. 

• Third, many technology platforms combine subscription commitments with elastic 

consumption layers. Customers typically commit to a baseline level of capacity while 

retaining the ability to scale usage when demand increases. Such hybrid contract 

structures provide revenue predictability for providers while allowing operational 

flexibility for clients. In outsourcing environments, this approach could replace rigid 

staffing commitments with baseline service capacity combined with variable consumption 

pricing for incremental volumes, specialist workflows, or surge demand. 

• Fourth, performance-linked commercial structures are increasingly common in digital 

services ecosystems. Gainsharing mechanisms allow providers to participate in 

measurable improvements such as cost reductions, productivity gains, or revenue 

recovery. In outsourcing environments, these mechanisms can align provider incentives 

with automation and operational redesign rather than penalizing productivity 

improvements that reduce labor demand. When implemented transparently with clearly 

defined baselines, gainsharing creates a commercial structure in which both client and 

provider benefit from efficiency improvements. 
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• Fifth, outcome-linked pricing has begun to emerge in certain areas of AI and advanced 

services markets. In these models, providers participate directly in measurable business 

outcomes generated by the service. In the context of customer operations, this could 

include participation in revenue recovery, retention improvements, fraud loss reduction, 

or other quantifiable financial effects influenced by operational performance. While full 

outcome-based contracts remain challenging in practice due to attribution and 

measurement complexity, partial outcome participation can provide powerful alignment 

between operational execution and enterprise value creation. 

• Finally, many technology ecosystems separate ongoing service delivery from 

transformation and innovation programs. System migrations, automation deployments, 

workflow redesign, and capability upgrades are typically monetized through milestone-

based or program-based commercial structures. As outsourcing providers increasingly 

implement AI-enabled service environments, separating steady-state operations from 

transformation initiatives will become increasingly important. This distinction allows 

providers to capture value from innovation activities that extend beyond day-to-day 

service delivery. 

Taken together, these models suggest that the next generation of outsourcing contracts will likely 

resemble the multi-layered commercial architectures already common in software and cloud 

markets. 
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Rather than relying on a single labor-based pricing metric, future BPO relationships may combine 

several complementary revenue layers. A recurring operational platform fee could fund 

governance infrastructure and service environments. Usage-based pricing could monetize 

operational work units. Elastic consumption models could accommodate demand variability. 

Gainsharing mechanisms could align incentives around productivity improvements. Outcome 

participation could link operational performance to enterprise value creation. Transformation 

programs could monetize the continuous evolution of service environments. 

Such a structure would represent a significant departure from traditional outsourcing economics. 

However, it would also better reflect the nature of modern service delivery, in which value 

increasingly derives from operational platforms, AI-enabled workflows, governance systems, and 

continuous process innovation rather than from labor inputs alone. 

In this sense, the future commercial model of the BPO industry may look less like traditional labor 

outsourcing and more like the monetization frameworks already established in modern software 

and AI platforms. 

5.4.1 The pricing ladder: what AI-native vendors reveal — and what they have not solved 

The commercial behavior of AI-native service vendors offers one final lesson for the outsourcing 

industry, and it is both an encouragement and a warning. 

Consider what the leading AI customer-service vendors did not do. Their cost of goods — model 

inference — collapsed by more than 99 percent. Their prices did not follow. They charge dollars 

per resolution while paying cents in compute, anchoring their price to a unit of work rather than 

a unit of input. In doing so, they escaped the R_BPO = r · L logic described in Chapter 1: their 

revenue is structurally decoupled from their input costs, which means productivity improvements 

expand their margins rather than compressing their revenue. They have, in other words, moved 

one rung up the commercial ladder that the BPO industry has spent two decades standing at the 

bottom of. 

But, and this distinction is critical, a “resolution” is an operational event, not economic value. It 

is a contact closed without escalation, as defined by the vendor’s own contract. Whether that 

resolution retained a customer or quietly churned them is invisible to the pricing model. Much of 

the category has not even reached that rung: per-conversation and per-action credit models are 

throughput pricing,  the AI-era equivalent of billable hours, and the majority of enterprise AI 

spend still sits at the bottom of the ladder entirely, in tokens, seat licenses, platform fees, and 

implementation programs. 

The ladder, then, has three rungs. Input pricing: 

• tokens, seats, implementations, and FTEs — is where most of the AI market and the 

traditional BPO model both live.  
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• Work-unit pricing — per resolution, per case, per completed action — is where the most 

advanced AI-native vendors have arrived, and where the usage-based structures described 

earlier in this section point. 

•  Value participation — pricing linked to what actually moves enterprise value: retention, 

revenue recovery, conversion, cost-to-serve, and risk — is the third rung. 

 

The third rung is empty. The AI-native vendors have not solved the commercial-

model problem; they have built a more sophisticated version of the old one, with 

the same structural blind spot: no mechanism ties price to the value the activity 

creates. 

 

Their move up the ladder should therefore be read as a proof of direction and a warning shot, not 

a destination. It demonstrates that work-unit pricing is commercially achievable at scale, and it 

establishes the pricing logic that clients will increasingly expect. But it also leaves the defining 

rung unclaimed — and there is a credible case that outsourcing providers are better positioned to 

claim it than point-solution software vendors are. Value participation requires exactly the 

capabilities that deep operational partners can build and that this chapter and Sections 5.7 and 

5.8.3 describe in detail: interaction-to-outcome data linkage, causal attribution, jointly governed 

baselines, and end-to-end operational scope. A vendor that owns a single interaction channel 

cannot credibly attribute retention outcomes. A provider embedded across the customer 

operation can. 

The window is open. The direction of travel from the AI-native side of the market, however, is 

unmistakable — and providers that remain on the input rung while their AI-native competitors 

consolidate the work-unit rung will find the value rung claimed above them. 

5.5 Early Market Evidence: Signals of an Emerging Model 

While the transition toward value-driven commercial models in the BPO industry is still in its 

early stages, there are clear signals that elements of this model are already emerging in practice. 

These developments are not yet fully integrated into a single, coherent industry standard. 

However, across leading providers, contract structures, and operating models, there is increasing 

evidence of a shift away from pure labor-based pricing toward multi-layered value participation. 

One of the most visible areas of change is the expansion of platform-based service delivery. 

Several large outsourcing providers have invested heavily in proprietary operational platforms 

that integrate analytics, automation, and AI-enabled interaction handling. Teleperformance 
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offers an instructive and cautionary illustration. The group built a substantial position in Trust & 

Safety, fraud prevention, and content moderation — services widely characterised as high-value, 

differentiated, and technology-intensive. Yet through 2026, Trust & Safety became the principal 

drag on group revenue as automation and offshoring reduced the volume of human review 

required, with underlying growth across the remainder of the portfolio remaining positive once 

that segment is excluded (Teleperformance, 2026). The lesson is precise, and it is the lesson of 

this paper. The service content was high-value; the commercial architecture beneath it was not.  

Where a differentiated capability is still monetised through deployed headcount, automation 

compresses revenue exactly as it does in commoditised work — the sophistication of the service 

offers no protection if the pricing model remains an input model. Differentiation in what is 

delivered does not substitute for differentiation in how it is priced. 

Similarly, Concentrix has invested in digital and analytics-led services through its integrated CX 

and transformation offerings, combining automation, customer journey analytics, and 

operational delivery. These offerings are increasingly structured as end-to-end solutions rather 

than discrete labor-based services (Concentrix Corporation, 2026). 

In these environments, clients are no longer purchasing only labor capacity, but access to 

integrated operational systems that combine human and technological capabilities. 

A second observable shift is the growing use of gainsharing mechanisms. 

In many large-scale transformation programs, providers now participate in productivity 

improvements through structured cost-saving agreements. These arrangements typically define a 

baseline cost structure and allocate a share of verified efficiency gains to the provider once 

performance improvements exceed predefined thresholds. 

Industry research indicates that gainsharing and risk-reward mechanisms are increasingly 

embedded in transformation-led outsourcing engagements, particularly in digital transformation 

and automation programs. Everest Group observes that BPO contracts built on hours, FTEs, and 

transactions are giving way to arrangements in which clients seek measurable business impact 

rather than service level agreement (SLA) compliance, with outcome-based metrics moving from 

the margins of contracting toward its center (Everest Group, 2025). The International Data 

Corporation (IDC) projects that by 2029, driven by agentic AI, 30% of all contractual engagements 

with service providers will be outcome-based, as automation shifts the basis of value from effort 

to impact (IDC, 2025). In some cases, providers participate in 20–30% of realized cost savings, 

creating direct economic alignment between productivity improvements and provider revenue. 

While still often layered on top of FTE-based contracts, these mechanisms represent a meaningful 

departure from traditional pricing models by linking provider compensation to measurable 

economic outcomes rather than purely to input volume. 

Third, outcome-linked revenue participation is increasingly visible in specific service lines. 
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Collections outsourcing provides one of the clearest examples. Providers are frequently 

compensated based on a percentage of recovered revenue, directly linking compensation to 

financial outcomes rather than operational activity. Similarly, in customer retention and sales 

support programs, providers may participate in incremental revenue generated through proactive 

engagement strategies. 

These structures are not confined to the largest providers. For instance, BorderlessCX, an 

innovative advisory provider, has built outcome-linked components into its commercial 

arrangements, tying a defined share of provider compensation to the actual value of activities 

contracted. 

What is changing is the increasing extension of these models beyond isolated use cases into 

broader outsourcing engagements. 

Finally, there is a growing shift in how leading providers position themselves in the market. 

Rather than competing solely on delivery footprint and labor cost, many firms are repositioning 

around capabilities such as analytics, automation integration, AI-enabled operations, and 

transformation services. Accenture Operations has long operated at this intersection, integrating 

consulting, technology, and managed services into unified offerings that extend beyond 

traditional outsourcing constructs. 

This repositioning reflects an implicit recognition that long-term differentiation will depend less 

on access to labor and more on the ability to design and operate complex service systems. 

Taken together, these developments suggest that the transition described in this paper is not 

purely theoretical. 

However, the current state of the industry can best be described as transitional. Most providers 

continue to operate under legacy commercial models while selectively introducing elements of 

value-based pricing in specific engagements or service lines. 

The result is a hybrid landscape in which traditional and emerging models coexist. The 

significance of these early signals lies not in their scale, but in their direction. They indicate that 

the economic logic of the industry is already beginning to shift, even if the full implications of this 

transformation have yet to be realized. 

5.6 The BPO Financial J-Curve 

While the economic rationale for transitioning toward value-driven commercial models is 

compelling, the financial implications for outsourcing providers are significantly more complex. 

The shift away from labor-based pricing introduces a dynamic that can be understood as a 

financial J-curve for the BPO industry. Crucially, this dynamic is not incidental. It is a direct 

consequence of the structural pricing model described earlier in this paper. 
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As outlined in Section 1.3, the dominant commercial logic of the outsourcing industry can be 

simplified as: 

R_BPO = r · L 

Under this structure, revenue scales with the volume of labor deployed. This creates a predictable 

and stable revenue model, but it also embeds a structural limitation: productivity improvements 

reduce the amount of labor required and therefore reduce revenue potential. 

The Financial J-curve emerges directly from this mechanism. 

In the initial phase of transformation, providers introduce automation and AI-enabled workflows 

to improve operational efficiency. These technologies reduce the labor required to deliver a given 

level of service. Under FTE-based contracts, this reduction translates immediately into declining 

billable capacity. 

In other words, the very productivity gains that increase economic value for the client result in 

revenue compression for the provider. 

This is the first phase of the J-curve: margin compression driven by the structural linkage between 

revenue and labor inputs. 

At the same time, providers must invest in new capabilities. 

The transition toward value-driven models requires the development of operational platforms, 

AI-enabled workflows, analytics capabilities, and new governance structures. These investments 

are typically incurred upfront, while the corresponding revenue streams such as: 

• gainsharing,  

• platform fees,  

• or outcome-based compensation,  

scale only gradually. 

This creates a second layer of financial pressure: investment drag. 

A third dynamic emerges during the transition phase as providers begin to introduce hybrid 

commercial models. 

In this stage, contracts combine legacy FTE-based pricing with emerging value-based components 

such as gainsharing or outcome-linked incentives. While this hybrid structure reduces transition 

risk, it also creates a temporary imbalance. Productivity improvements may reduce labor-based 

revenue faster than value-based revenue streams can compensate for the decline. 

The result is a period of structural margin dilution. 
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Taken together, these dynamics define the downward phase of the financial J-curve. Revenue and 

margins are compressed not because value creation declines, but because the commercial model 

remains partially anchored in labor-based pricing while the operational model evolves toward 

higher productivity. 

The industry is not resisting change because it does not understand the future. It is resisting 

change because the path to that future is economically punitive in the short term. 

Only in the later stages of transformation does this dynamic reverse. 

As value-based revenue streams reach scale—through platform services, gainsharing 

mechanisms, customer value participation, and governance operations—provider revenue 

becomes increasingly decoupled from labor inputs. At this point, productivity improvements 

expand the total value pool rather than reducing billable capacity. 

This marks the upward phase of the J-curve, where margins recover and may ultimately exceed 

those achievable under traditional labor-based models. 

The critical insight is that the financial J-curve is not a temporary anomaly. It is the predictable 

result of transitioning from a labor-linked revenue model to a value-linked revenue model. 

This has important implications for industry behavior. 
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Publicly listed providers, in particular, may face constraints in executing this transition due to 

investor expectations for stable revenue and margin performance. The short-term financial 

impact of the J-curve may discourage aggressive shifts toward value-based models, even when the 

long-term economic rationale is clear. 

Understanding this dynamic also clarifies why the outsourcing industry has been slow to evolve. 

The challenge is not a lack of awareness of the structural limitations of FTE-based pricing. The 

challenge is navigating a transition in which the legacy model declines before the new model fully 

matures. 

In this sense, the Financial J-curve represents the economic bridge between the commoditized 

past of the industry and its potential value-driven future. 

5.7 Transition Roadmap: From Labor-Based to Value-Driven Models 

The transition from traditional FTE-based outsourcing models to value-driven commercial 

architectures will not occur as a single-step transformation. It requires a phased approach that 

balances strategic intent with operational and financial constraints. 

A practical transition roadmap can be understood across three stages: overlay, hybridization, and 

model shift. 

5.7.1 Phase 1: Overlay (0–12 months) 

The initial phase focuses on introducing value-based elements into existing contracts without 

disrupting the underlying commercial structure. The priority is to build the measurement 

infrastructure and demonstrate value linkage, not to renegotiate pricing. 

In practical terms, providers begin by layering gainsharing mechanisms on top of existing FTE-

based pricing models. These mechanisms are linked to clearly measurable efficiency 

improvements: reductions in cost-to-serve, improvements in first-contact resolution rates, 

reductions in average handling time, or declines in repeat contact rates. The commercial split 

typically 20–30% of verified savings to the provider is agreed in advance with clearly defined 

baselines, which prevents disputes about whether improvement has occurred. 

Illustrative scenario. A telecommunications BPO handling 2 million contacts annually at a 

cost-per-contact of $4.80 identifies that AI-assisted knowledge retrieval tools can reduce average 

handling time by 18%. Under a traditional FTE contract, this improvement reduces billable labor 

and provider revenue. Under an overlay gainsharing structure, the provider and client agree that 

the cost reduction approximately $1.7 million annually at the observed volume will be split 25/75 

between provider and client for a 24-month period. The provider receives a $425,000 annual 

efficiency bonus while the client captures $1.3 million in savings. Crucially, the provider now has 



57 

a direct financial incentive to deploy the AI tool broadly rather than selectively, and to continue 

improving handling time rather than protecting billable hours. 

At the same time, providers invest in building the analytical foundations required for the 

subsequent phases. This includes developing capabilities to link operational performance to 

financial outcomes,  specifically the connection between interaction-level quality metrics and 

downstream measures such as 30-day customer retention, revenue recovery rates, and cost-to-

serve by customer segment. Most providers will find that this analytical architecture does not yet 

exist in structured form. Building it is the essential preparation for Phase 2. 

This phase does not require a fundamental restructuring of contracts. It introduces incremental 

alignment between operational performance and economic outcomes while generating the data 

and trust required for deeper transformation. 

5.7.2 Phase 2: Hybridization (12–24 months) 

The second phase involves a more explicit restructuring of commercial models into hybrid 

architectures that combine legacy FTE-based components with emerging value-based revenue 

streams. Providers who have completed the analytical work of Phase 1 are now able to 

demonstrate with data the linkage between their operational performance and client financial 

outcomes. 

Contracts in this phase are redesigned around multiple revenue components. A baseline platform 

or service fee provides revenue stability and covers the governance infrastructure, analytics 

environment, and operational management overhead that now characterizes a mature provider 

engagement. Variable components linked to productivity improvements or outcome metrics 

introduce value participation on top of the base. The FTE component does not disappear 

immediately but becomes a declining share of total contract value. 

Illustrative scenario. An insurance BPO managing claims processing for a mid-market insurer 

restructures its contract after 18 months of overlay experience. The new architecture includes: a 

monthly platform fee of $180,000 covering case management systems, quality frameworks, and 

analytics infrastructure; a per-case processing fee replacing the FTE headcount billing for routine 

claims; a gainsharing mechanism triggered when cost-per-claim falls below a jointly agreed 

baseline, with 30% of savings accruing to the provider; and a quarterly outcome bonus linked to 

the net promoter score of claimants who experienced the process, payable when scores exceed a 

defined threshold. The provider’s total revenue is similar to the prior FTE-based structure in the 

first year of hybridization, but the revenue composition is meaningfully different — and provider 

incentives now point in the same direction as client objectives. 

During this phase, measurement frameworks are refined to improve attribution. Establishing 

credible baselines and transparent performance metrics is critical to scaling outcome-based 

components. Providers and clients jointly define what constitutes a measurable outcome, what 

the attribution window is, and what confounding factors — such as marketing campaigns, product 
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changes, or macroeconomic shifts — will be controlled for in performance assessment. This 

governance of measurement is as important as the measurement itself. 

5.7.3 Phase 3: Model shift (24–48 months) 

The final phase represents a structural transition toward fully value-driven outsourcing models. 

Commercial architectures move away from labor-based pricing as the primary revenue driver. 

Providers generate revenue through a combination of platform access, usage-based pricing, 

gainsharing mechanisms, and outcome participation — with the FTE component either absent or 

representing a small residual element for genuinely variable capacity management. 

Illustrative scenario. A leading customer experience BPO serving a major retail bank has, over 

three years, built an integrated service environment combining AI-assisted interaction handling, 

predictive churn identification, and a real-time CLV analytics platform. Its commercial model now 

has four layers: a recurring platform access fee of $2.1 million annually covering the technology 

environment, analytics dashboards, and governance reporting; a resolved-case fee replacing all 

headcount billing — paid per interaction closed within agreed quality parameters; a retention 

gainshare triggered when 30-day churn rates in handled segments fall below baseline, with the 

provider participating in 35% of the annualized CLV value of customers retained above the 

threshold; and a transformation program fee covering ongoing workflow redesign, AI model 

tuning, and quarterly operating model reviews. In this structure, the provider’s revenue grows 

when customer retention improves and shrinks when it declines. The provider is no longer a labor 

supplier — it is an economic participant in the value generated by customer relationships. 

At this stage, differentiation between providers is no longer based primarily on labor cost or 

delivery footprint. It is based on the sophistication of the operational platform, the quality of the 

analytics environment, and the demonstrated track record of connecting operational performance 

to financial value. Providers that have built these capabilities over the preceding phases are 

difficult to replace — the switching costs for clients who have integrated their measurement 

infrastructure with a provider’s analytics environment are substantially higher than those 

associated with simply rebidding labor capacity. 
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5.7.4 Implications of the Transition 

This phased approach highlights an important principle. 

The transformation of the BPO business model does not require an immediate abandonment of 

existing structures. Instead, it requires a gradual rebalancing of how value is measured, delivered, 

and monetized. Providers that successfully navigate this transition will be those that can manage 

the financial and operational tensions of the intermediate phases while building the capabilities 

required for long-term differentiation. 

The shift toward value-driven outsourcing is therefore not a discrete event. It is a managed 

evolution of the industry’s economic model. 

5.8 Structural Barriers to Transition 

While the economic rationale for transitioning toward value-driven outsourcing models is 

compelling, the pace of change within the industry has remained relatively slow. This is not due 

to a lack of awareness of the limitations of the current model, but rather the presence of structural 

barriers that make transformation difficult to execute in practice. 

These barriers are embedded across the commercial, organizational, financial, and market 

structure of the BPO industry. 

5.8.1 Commercial Lock-In: Legacy Contract Structures 

A large share of outsourcing revenues remains tied to long-term contracts structured around FTE-

based or transaction-based pricing models. These agreements often span multiple years and are 

built on detailed assumptions regarding staffing levels, service volumes, and pricing benchmarks. 
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Transitioning these contracts toward outcome-based or value-linked models requires 

renegotiation of commercial terms, redefinition of performance metrics, and, in many cases, a 

redistribution of economic risk between client and provider. 

For both parties, this introduces uncertainty. Clients may be reluctant to move away from 

predictable cost structures, while providers risk short-term revenue compression if labor-based 

billing is reduced before new value-based revenue streams are fully established. 

As a result, existing contract structures create a form of commercial inertia that slows the 

adoption of new pricing models. 

5.8.2 Procurement and Incentive Structures 

The persistence of FTE-based pricing is reinforced by procurement practices within client 

organizations. 

As discussed in Section 4, procurement functions are typically incentivized to deliver measurable 

cost savings through competitive benchmarking. Labor-based pricing models are simple to 

compare across vendors and provide clear, quantifiable metrics for cost reduction. 

In contrast, value-based models require more complex evaluation frameworks that link 

operational performance to financial outcomes such as customer retention, revenue recovery, or 

cost-to-serve improvements. These outcomes are often more difficult to measure, attribute, and 

validate. 

As a result, even when business stakeholders express interest in outcome-based models, 

procurement processes frequently default to input-based pricing structures. 

This creates a structural barrier in which the buying mechanism of the industry reinforces the 

existing commercial model. 

5.8.3 Capability and Measurement Gaps 

Transitioning toward value-driven models requires the ability to measure, attribute, and manage 

economic value at a level of precision that most BPO organizations and their clients have not 

historically developed. This capability gap is arguably the single most significant practical obstacle 

to the model transition described in Section 5.7, and it deserves more detailed treatment than it 

is typically given. 

The measurement challenge has three distinct dimensions. 

The first is interaction-to-outcome linkage. Value-based pricing requires connecting what 

happens in an operational interaction to what happens to a financial outcome weeks or months 

later. When a retention agent handles a cancellation call, the value of that interaction is realized 

— or not — at the next billing cycle, the next renewal, or the next product purchase. Building this 
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linkage requires combining operational data (call recordings, resolution codes, agent identifiers) 

with customer financial data (CLV trajectories, churn events, purchase histories) across systems 

that were rarely designed to communicate with each other. Most outsourcing providers do not 

have access to the client-side financial data required to close this loop, and most clients are not 

yet comfortable sharing it. 

The second dimension is causal attribution. Even when interaction and outcome data can be 

combined, establishing that the operational intervention caused the financial outcome — rather 

than merely correlating with it — requires more sophisticated analytical methods than standard 

operational reporting provides. Customers who receive proactive retention outreach are not 

randomly assigned; they are typically selected because they show churn signals, which means 

observed differences in subsequent behavior may reflect selection rather than intervention. 

Building credible attribution models requires experimental design, control groups, and statistical 

methods that most operational environments are not configured to support. 

The third dimension is baseline definition. Gainsharing and outcome-based mechanisms are only 

commercially viable if both parties can agree on what performance would have been in the 

absence of the provider’s intervention. Baselines must be jointly defined, independently 

verifiable, and stable enough to remain meaningful as market conditions, product portfolios, and 

customer demographics shift over the contract term. Defining baselines that are robust to these 

changes is a non-trivial governance challenge, and poorly designed baselines are a common 

source of commercial disputes in early-stage outcome-based contracts. 

Providers that wish to lead the industry transition must treat measurement architecture as a core 

strategic capability — not an analytics add-on. This means investing in integrated data 

environments that can ingest both operational and client-side financial data, building causal 

inference capabilities within their analytics functions, and developing standardized baseline 

methodologies that clients can audit and trust. It also means being willing to share the risk of 

imperfect attribution in early engagements rather than waiting for measurement certainty that 

may never fully arrive. 

The providers that make this investment first will establish a durable competitive advantage: the 

ability to demonstrate economic contribution with sufficient precision to justify commercial 

models that purely labor-based competitors cannot credibly offer. 

5.8.4 Financial Risk and the Transition J-Curve 

As described earlier, the transition from labor-based to value-based models introduces a financial 

J-curve. 

Providers face a period in which productivity improvements reduce labor-based revenues while 

new value-based revenue streams take time to scale. At the same time, investments in technology, 

analytics, and transformation capabilities increase cost structures in the short term. 
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This creates a temporary period of margin compression. 

For publicly listed providers, this dynamic is particularly challenging. Investor expectations for 

stable revenue growth and margin performance may discourage aggressive shifts toward new 

commercial models that introduce short-term financial volatility. 

As a result, even when the long-term economic benefits of transformation are clear, short-term 

financial pressures can slow execution. 

5.8.5 Operating Model and Organizational Inertia 

The operating models of many outsourcing providers are optimized for scale within a labour-

based framework. 

Sales organizations are structured around FTE-based pricing and capacity expansion. Delivery 

models are designed to manage large workforces across global delivery networks. Performance 

management systems focus on operational metrics such as service levels, handling times, and 

utilization rates. 

Transitioning toward value-driven models requires changes across all of these dimensions. 

Providers must develop new sales narratives, redesign delivery models around hybrid human–AI 

workflows and implement performance frameworks that link operational activities to business 

outcomes. These changes involve not only new capabilities but also shifts in organizational 

mindset and incentives. 

Large-scale organizations, in particular, may face significant inertia in implementing such 

changes. 

5.8.6 Client Trust and Control Dynamics 

Outcome-based and value-linked commercial models require a different relationship between 

client and provider. 

Clients must allow providers greater operational autonomy and, in many cases, share in the 

financial upside of performance improvements. This represents a shift from tightly controlled 

execution models toward more collaborative, outcome-oriented partnerships. 

However, many organizations remain reluctant to relinquish control over processes that directly 

affect customer experience, revenue, or risk exposure. Concerns about accountability, 

transparency, and performance attribution can limit willingness to adopt new commercial 

structures. 

This creates a trust barrier that slows the adoption of value-driven models even when economic 

incentives are aligned. 
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5.8.7 Implications 

Taken together, these barriers explain why the outsourcing industry has not yet transitioned more 

rapidly toward value-driven models. 

The challenge is not a lack of understanding of the structural limitations of the current model. 

The challenge is that the transition requires simultaneous change across commercial structures, 

procurement practices, measurement capabilities, financial models, and organizational design. 

This reinforces a central theme of this paper: 

 

The outsourcing industry is not constrained by its ability to create value. It is 

constrained by the structures through which that value is commercialized. 

 

5.9 Industry Positioning: Who Is Best Positioned to Transform? 

While the transition toward value-driven outsourcing models follows a broadly similar structural 

path, not all providers are equally positioned to execute this transformation. 

The ability to move from labor-based pricing to value-based commercial architectures is heavily 

influenced by a provider’s scale, client portfolio, capital structure, and operational flexibility. In 

this context, the industry can be broadly segmented into three groups: large-scale Tier 1 providers, 

mid-sized Tier 2 firms, and smaller, specialized Tier 3 operators. 

Each group faces distinct advantages and constraints. 

5.9.1 Tier 1 Providers: Scale, Capability, and Structural Inertia 

Large global providers operate extensive delivery networks, manage complex multi-country 

contracts, and serve many of the world’s largest enterprises. These firms possess significant 

advantages in the transition toward value-driven models. 

They have the capital to invest in AI platforms, analytics capabilities, and transformation 

programs. They have access to large-scale enterprise clients where value-based models can be 

deployed across substantial operational scope. They also possess the governance capabilities 

required to operate complex, regulated service environments at scale. 

However, these advantages are offset by structural constraints. 

Tier 1 providers are typically deeply embedded in long-term, labor-based contracts that limit 

short-term commercial flexibility. Their operating models, sales structures, and performance 



64 

metrics are optimized for scale and predictability within the existing FTE-based framework. 

Public market expectations for stable revenue and margin performance further constrain their 

ability to absorb the short-term financial impact of the transition. 

As a result, Tier 1 firms face a structural paradox that the standard capability analysis obscures: 

they are the best equipped to build the future model and the least able to move fast enough to get 

there. Capability without the willingness to absorb the short-term financial cost of transition does 

not produce transformation. It produces pilots, selective innovation, and incremental 

optimization at the edges of a business model that remains fundamentally unchanged. 

5.9.2 Tier 2 Providers: Strategic Flexibility and Selective Advantage 

Mid-sized providers occupy an intermediate position within the industry. 

They often possess sufficient scale to invest in new capabilities while maintaining greater 

flexibility than larger competitors. Many Tier 2 firms operate with more focused client portfolios 

or industry specialization, allowing them to pilot hybrid or outcome-based models within selected 

engagements. 

This positioning can enable faster experimentation and more targeted transformation strategies. 

However, Tier 2 providers typically face capital constraints relative to Tier 1 firms. Large-scale 

platform investments, AI integration, and transformation programs may be more difficult to fund, 

particularly if they involve short-term margin pressure. In addition, limited global scale may 

restrict their ability to deploy standardized value-based models across large enterprise clients. 

Therefore, Tier 2 firms occupy the most strategically interesting position in the industry, one that 

the tier segmentation analysis tends to understate. Disruption in mature industries rarely 

originates from the top. It emerges through selective economic breakthroughs in the middle of 

the market: targeted engagements where a focused provider demonstrates a commercially viable 

alternative to the dominant model, builds the evidence base, and scales from there. Tier 2 

providers have sufficient scale to be credible, sufficient flexibility to experiment, and sufficient 

urgency to move. A combination that Tier 1 firms structurally lack and Tier 3 firms financially 

cannot sustain. 

5.9.3 Tier 3 Providers: Agility, Specialization, and Execution Risk 

Smaller and more specialized providers are often the most agile participants in the industry. 

They are less constrained by legacy contracts, complex organizational structures, or public market 

expectations. This allows them to adopt new commercial models more rapidly and to experiment 

with innovative pricing structures, including outcome-based or platform-led approaches. 



65 

In addition, many Tier 3 providers operate in niche segments or specialized service areas where 

direct linkage between operational performance and business outcomes is easier to establish. This 

can create favorable conditions for deploying value-based pricing models. 

However, this agility comes with significant risk. 

Smaller providers typically lack the capital reserves required to absorb the financial J-curve 

associated with transformation. They may also lack the technological infrastructure and analytics 

capabilities required to measure and manage value creation at scale. Furthermore, limited client 

portfolios increase exposure to individual contract performance, making outcome-based models 

financially more volatile. 

Considering the above, Tier 3 firms are likely to serve a critical but asymmetric role in the industry 

transition. They will move fastest, experiment most freely, and demonstrate what is commercially 

viable in outcome-based and platform-led models. But most will not survive the financial J-curve 

long enough to scale what they prove. Their primary contribution to the industry will be as a 

proving ground, establishing the evidence that mid-sized and large providers will subsequently 

deploy at scale. 

5.9.4 Implications for Industry Evolution 

The tier segmentation — Tier 1, Tier 2, Tier 3 — is a useful descriptive framework, but it obscures 

the more fundamental dimension along which the industry will divide. 

The providers that lead the transition will not necessarily be the largest. They will be the ones 

willing to decouple their revenue from labor before the market forces them to — accepting the 

short-term financial pain of the J-curve in exchange for a structurally stronger position on the 

other side. 

This distinction cuts across all three tiers. Some Tier 1 firms will find the organizational and 

financial will to move decisively; others will manage the transition slowly enough that they arrive 

at the new model as followers rather than leaders. Some Tier 2 firms will use their structural 

flexibility to execute targeted transformations that establish them as the defining providers of the 

next industry era; others will remain caught between the old model and the new one indefinitely. 

Some Tier 3 firms will successfully navigate the J-curve and build durable value-based businesses; 

most will not. 

What this suggests is that the industry will be transformed not by those who can see the future 

most clearly — most of the industry already understands the structural argument — but by those 

with the economic courage to act on it before it becomes financially unavoidable. The firms that 

wait for certainty will find that the transition has already happened around them. 
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5.9.5 What a winning provider looks like 

Across the tier analysis, certain characteristics define the providers best positioned to lead the 

value-driven transition, regardless of current size or market position. 

Revenue is structurally decoupled from labor. Winning providers do not monetize headcount. 

Their commercial models generate revenue through platform access, work unit pricing, 

gainsharing mechanisms, and outcome participation. If revenue still scales with headcount, the 

provider is not transforming — it is optimizing the rate at which its model becomes obsolete. 

AI operates as core infrastructure rather than a productivity tool. Leading providers do not deploy 

AI onto existing operating models. They design service environments where human expertise, AI-

assisted workflows, and governance systems are integrated by default — so that cost-to-serve 

continuously declines as the system learns, rather than being reset each time a new technology is 

introduced. 

The provider owns the outcome layer, not just the activity layer. This means direct commercial 

participation in retention rates, revenue recovery, conversion, and risk reduction, not reporting 

on these metrics, but having financial skin in them. Providers that remain on the activity side of 

this boundary will find it increasingly difficult to justify pricing that reflects economic 

contribution. 
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Governance is treated as a product, not a compliance function. As AI scales within client 

operations, the need for oversight, explainability, regulatory compliance, and risk management 

grows substantially. Providers that build structured governance capabilities — and price them 

accordingly — access a revenue stream that is both durable and difficult for technology-only 

competitors to replicate. 

Transformation is a continuous operational capability, not a project. The old model was to deliver 

stable operations. The emerging model requires providers to continuously redesign those 

operations — integrating new technologies, rebuilding workflows, and optimizing systems as the 

environment evolves. The providers that institutionalize this capability become genuinely difficult 

to replace, because switching costs include not just the service itself but the accumulated 

operational intelligence embedded in the relationship. 

Taken together, these characteristics describe a provider that has fundamentally changed what it 

sells. Not labor at scale. Not even AI-enhanced labor at scale. But the design, operation, and 

continuous optimization of customer value systems — and the commercial architectures that 

allow it to participate in the economic value those systems generate. 
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6. Conclusion 

The BPO industry stands at a critical strategic inflection point. 

For more than three decades, outsourcing providers built successful global businesses on a model 

centered on labor arbitrage, operational scale, and cost efficiency. While this model enabled rapid 

industry growth, it also gradually transformed outsourcing services into a commodity. 

Procurement-led sourcing processes, standardized delivery models, and FTE-based commercial 

structures shifted competition toward price rather than differentiated value. 

Artificial intelligence has now exposed the structural weakness of that model. 

Because most outsourcing revenues remain linked to labor inputs, technological productivity 

improvements appear to threaten the industry’s economic foundation. This perception has 

contributed to declining investor confidence and compressed valuation multiples across several 

large outsourcing firms. 

However, this narrative misunderstands the economic dynamics of technological change. 

Research in labor economics consistently demonstrates that automation rarely eliminates entire 

industries. Instead, it reorganizes the structure of work, substitutes routine tasks, and creates new 

layers of economic activity. AI technologies reduce the cost of performing certain operational 

tasks, but they also expand the demand for complementary capabilities such as process 

orchestration, governance, risk management, customer-value optimization, and transformation 

expertise. 

In this sense, artificial intelligence does not represent an existential threat to the outsourcing 

industry. Rather, it acts as a catalyst revealing the limitations of the legacy business model. The 

core challenge facing the BPO sector is therefore not technological disruption but structural 

misalignment between value creation and revenue capture. 

Three interrelated dynamics illustrate this misalignment. 

The Commoditization Trap has reduced differentiation within the industry, pushing providers 

toward price-based competition and making operational excellence difficult to monetize under 

input-based pricing structures. 

The Valuation Paradox reflects investor assumptions that automation will reduce industry 

revenues because commercial models remain tied to labor inputs, a conclusion that misreads the 

economics of technological change and overlooks the structural expansion of demand in 

regulated, governance-intensive sectors. As Chapter 3 has shown, the paradox is in fact a double 

mispricing: markets have misjudged both the demand for operational services and the true cost 

of the technology assumed to replace them. 
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The Client Paradox reveals something more troubling than a simple preference for cost over value. 

It demonstrates that procurement systems, institutional incentives, and two decades of industry 

conditioning have made the input-based decision feel analytically sound, even rational to the 

people making it. Escaping this paradox requires more than better pricing models. It requires 

changing how organizations understand and measure the economic contribution of their 

operational partners. 

Taken together, these forces create an economic structure in which providers generate value 

through operational improvements but cannot reliably capture it. The pricing-to-value 

asymmetry is not a fixed gap — it is a dynamic condition that the industry’s commercial 

architecture is structurally unable to resolve. 

Escaping this trap requires a fundamental transformation of the outsourcing business model. 

The next generation of outsourcing firms will no longer compete primarily on labor capacity. 

Instead, they will differentiate through their ability to design, operate, and continuously optimize 

complex operational systems in AI-enabled environments. 

In this emerging model, revenue increasingly derives from a broader set of value drivers, 

including: 

• Operational platform services 

• Productivity and cost-to-serve gainsharing 

• Customer value participation 

• Governance and compliance operations 

• Transformation and innovation services 

These revenue streams align commercial incentives with productivity improvements and business 

outcomes rather than labor consumption. 

If successfully implemented, this shift could fundamentally alter the economic profile of the 

outsourcing industry. BPOs that evolve toward value-driven service architectures may achieve 

higher margins, greater revenue resilience, and stronger valuation multiples than those that 

remain anchored in traditional labor-based models. 

The transition will not be immediate. It requires simultaneous change across several dimensions 

that the industry has historically treated as separate concerns. 

Commercial structures must shift from labor-based pricing toward multi-layered value 

participation combining platform fees, gainsharing mechanisms, usage-based pricing, and 

outcome participation in architectures that align provider revenue with business outcomes rather 

than headcount. In the terms of the pricing ladder described in Chapter 5, this is the climb from 

the input rung, past the work-unit rung that AI-native vendors have already claimed, to the value-
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participation rung that remains open — and that outsourcing providers are best positioned to 

occupy. 

Measurement infrastructure must be treated as a strategic capability, not an analytics function. 

Value-based models are only commercially viable when providers can credibly demonstrate the 

linkage between operational performance and financial outcomes. Building the data 

environments, causal attribution methods, and jointly auditable baseline frameworks to support 

this is the single most significant practical prerequisite for the transition. 

Incentive architecture must extend beyond the provider-client relationship. The agents who 

produce customer value navigating complex issues, rebuilding trust, converting at-risk customers 

into loyal ones cannot remain aligned to activity metrics while the commercial model above them 

realigns around outcomes. Value distribution must cascade through the full system, or the system 

will not function at its potential. 

 

 

 

The technological and economic forces reshaping global service industries increasingly favor 

providers capable of integrating operational expertise, automation technologies, and governance 

capabilities into scalable service platforms. In this sense, artificial intelligence does not signal the 

end of outsourcing. 
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It signals the beginning of its next phase. 

The outsourcing firms that thrive in the coming decade will not be those that simply deliver labor 

at scale. They will be those that redesign how value is measured, shared, and sustained across 

every participant in the outsourcing relationship, and across every stage of the commercial model 

that governs it. 

 

Artificial intelligence will not determine the future of the outsourcing industry. 

The industry’s willingness to redesign its business model will! 
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